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This paper examines the role of firm-level experience in the context of divestitures. We find that divest- 

ing firms that have recent divestiture experience (hereafter, experienced divestors) are more likely to sell 

peripheral or underperforming units, and to divest during industry merger waves. Experienced divestors 

earn higher returns on divestiture announcement, have stronger operating performance post-divestiture, 

and tend to reinvest sale proceeds in expansion programs using acquisitions. Importantly, we show that 

divestiture experience at the firm level dominates other measures of experience, including divestiture 

experience of CEOs or boards, and experience in acquisitions. We take steps to mitigate concerns about 

econometric and sampling issues. These findings suggest that a strategy of restructuring through divesti- 

tures can improve firm value. 
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. Introduction 

Experienced divestors account for a significant portion of di-

estiture activity. In our sample of divestitures conducted by US

ublic firms from 1990 to 2011, 68.5% of divesting firms made at

east one divestiture in the prior three years. Despite the preva-

ence of organizational divestiture experience, little is known about

he role of divestiture experience at the firm level. Several recent,

igh profile cases, such as those of American International Group

nd Royal Bank of Scotland, suggest that prolific divestors are often
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otivated by financial distress. 1 However, other companies, such

s Philips, have instigated a program of restructuring, seemingly

earning from past divestitures when deciding on future transac-

ions, 2 and arguably presenting a strategic model for other more

tagnant electronics companies. 3 

In addition, the empirical evidence on divestiture experience

as been scarce. The prior literature on restructuring experience

as typically focused on acquisitions: The evidence suggests that

anagers who have prior acquisition experience conduct better fu-

ure acquisitions (e.g., Vermeulen and Barkema, 2001; Zollo and

ingh, 2004; Aktas et al., 2009, 2011, 2013; Kumar et al., 2015;

richterborn et al., 2015; Field and Mkrtchyan, 2017 ). However, di-

estitures respond to different financial, organizational, and eco-

omic drivers than do acquisitions. 
1 AIG has divested over USD 50 billion in a series of divestitures since 2008: http: 

/www.bloomberg.com/news/2010-10-29/aig-s-divestitures-pass-50-billion-with- 

ia- initial- share- offering- table.html . RBS has halved its assets since its bailout: 

ttp://www.bloomberg.com/news/2013- 07- 22/rbs- at- less- than- break- even- 

aluation- discredits- osborne.html . 
2 Philips has engaged in a significant number of divestitures, especially since 

006, resulting in significant changes to its product-mix and labor-composition: The 

conomist. 12 July 2014. Lights Out , The Economist, 412 (8895): 52. 
3 One suggestion is that Japanese electronics companies could engage in a sim- 

lar pattern of restructuring to that of Philips in order to facilitate growth: The 

conomist. 12 July 2014. Eclipsed by Apple , The Economist, 412 (8895): 51-52. 
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Divestitures represent a sample of less visible transactions (rel-

ative to M&A) and are motivated by different reasons compared

to M&A, and so divestiture experience may have different impli-

cations. First, M&As occur more frequently than divestitures, even

though the latter may once have seemed promising ( Mulherin and

Boone, 20 0 0; Villalonga and McGahan, 20 05 ). Second, a key fac-

tor in driving successful divestitures is in making the right choice

about which unit to divest, while ensuring that future capabilities

are not diminished so that the firm can remain competitive and

profitable. Optimal timing is also important in helping to maxi-

mize the return to shareholders. These issues beg the question of

whether experience matters for divestitures, and whether divesti-

ture experience is more important than general acquisition expe-

rience. It also raises the question of whether experience accrued

at the organizational level (as opposed to that accrued by individ-

ual executives) is more important. In this study, we aim to explore

the role of experience in future divestitures while taking into ac-

count all forms of restructuring experience (whether accumulated

at the organizational level or managerial level, divestiture-specific

experience, or general restructuring experience). 

There are two alternative hypotheses that may explain the phe-

nomenon of serial divestitures. On the one hand, serial divesti-

tures could be forced by financial constraints and these firms use

divestitures in an attempt to trade out of distress. For example,

Yang (2008) theorizes that negative productivity shocks motivate

selling decisions. On the other hand, serial divestitures could be

strategic in nature, and firms gain valuable experience and skills

from prior divestitures, which in turn benefit future divestitures.

Boot (1992) predicts theoretically that managers with divestiture

experience are of higher quality, as they recognize the importance

of corporate reorganization in maximizing firm long-run value. To

the extent that organizational memory is preserved even when

key organizational members leave ( Weick and Gilfillan, 1971 ), and

persistently shapes top management decision making ( Nelson and

Winter, 1982 ), firm-level experience is also important, and can be

even more important than individual managerial experience. Firm-

level divestiture experience accumulates in the routine functioning

of the firm overtime, and is “remembered by doing” ( Weick and

Gilfillan, 1971 ). The effective performance of divestitures is tacit

knowledge of the firm, rather than a process articulated by indi-

viduals. 

We test the above hypotheses by comparing divestitures con-

ducted by divesting firms with and without prior divestiture ex-

perience. Our sample covers 6216 completed divestitures made by

2314 US public firms in 4609 firm-years from 1990 to 2011. The

sample includes both asset sales (of mostly divisions and sub-

sidiaries) and spin-offs. We count a prior divestiture within the

past three years as valid experience whether it is successful or

failed (in terms of market reactions), completed or uncompleted

(in terms of deal status), because failed/pending attempts may

also be useful in promoting learning and experience ( Harford and

Schonlau, 2013 ). 4 We control for acquisition experience, firm and

other characteristics that might influence the relationship between

divestiture experience and divestiture outcomes. Given the cross-

sectional structure of the data, we also control for both year fixed

effects and industry fixed effects, and cluster standard errors by

firm. 
4 The results also hold if we restrict experience to completed deals, if we weight 

experience by market reactions, if we down-weight distant experience, or if we re- 

code experience to be indicator variables. In untabulated analysis, we also explore 

whether more recent experience is more relevant than distant experience. We re- 

estimate the baseline regressions using experience gained in the last 5 years and 

the last 10 years, respectively. The results support the foregoing results in that di- 

vestiture experience is still beneficial. Further, this effect concentrates in the expe- 

rience gained over the most recent 5 years. This is consistent with expectations. 

o  

m  

p  
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C

e

Our findings support the view that divestiture experience at the

rm level is valuable for future divestitures, even more so than

ndividual managerial experience. While controlling for acquisition

xperience, we find that divestitures conducted by experienced di-

estors are more strategic in nature and beneficial to sharehold-

rs. This is first reflected by a greater tendency to sell non-core,

eographically distant or underperforming units, which are pre-

isely the types of units that can lead to diseconomies of scale and

alue-destruction in conglomerates. Experienced divestors are also

ore likely to divest during industry merger waves - periods that

re more likely to attract higher premiums ( Andrade et al., 2001;

oeller et al., 2005; Alexandridis et al., 2012 ). Second, experienced

ivestors earn statistically and economically higher divestiture an-

ouncement returns, and have significantly stronger future operat-

ng performance. In economic terms, we show that a one standard

eviation increase in 3-year firm experience increases 3-day cumu-

ative abnormal returns by approximately 0.478 percentage points. 5 

hird, experienced divestors also use the proceeds from the di-

estiture more productively, and show a higher likelihood of con-

ucting post-divestiture acquisitions. Last but not least, divestiture

xperience at the firm-level demonstrates a much higher predic-

ive power, both economically and statistically, than that of CEOs

nd directors. Further, the results are stronger when we look at

ore recent divestiture experience. Our findings highlight the im-

ortance of organization experience in the context of divestitures. 

We take steps to ensure that the results are robust. First, we

nsure that our findings are driven by firm-level experience rather

han director experience. We measure non-CEO turnover and argue

hat firm-level divestiture experience should matter more when

on-CEO turnover is lower (i.e., when institutional memory is

igh). We show that our results are stronger when average direc-

or tenure exceeds 4 years, and when the number of director de-

artures within the last 3 years does not exceed two. These results

old when we include CEO experience as a control. Unsurprisingly,

e find consistent results when experimenting with average non-

EO tenure, average executive tenure, and average CEO tenure. 

Second, we test and rule out alternative reasons for serial di-

estitures. The results are not an artifact of distressed companies

ndertaking multiple divestitures. This is because experienced di-

estors are less likely to be financial distressed, on average, be-

ore the divestiture, and they tend to improve both short-term and

ong-term performance following the divestiture. The results are

lso not a function of firms splitting one larger divestiture into sev-

ral transactions. Experienced divestors tend to divest units that

re larger (relative to the parent’s size), suggesting that they are

ot more likely to split a transaction. Further, we observe expe-

iential benefits with experience three years prior to the current

ransaction, implying that the results do not merely reflect the

ecording of multiple deals in the same short time period for what

s essentially one transaction. The results are not driven by “asset

hurners” who take a portfolio approach to divisions and regularly

ivest units. For example, the results hold if we cut from the sam-

le any divestor who has made more than one divestiture in each

f the past three years. Last, the results cannot be explained by

he correction of past acquisition mistakes or connections with ad-

isors. 

We also take steps to mitigate endogeneity concerns. In light

f potential endogeneity concerns, we use both propensity score

atching and a weighting method (with a similar intuition to the

ropensity score matching) to adjust for the systemic differences

etween serial and ad-hoc divestors. The results are similar to the
5 We calculate this by multiplying the coefficient on log divestiture experience in 

olumn 3 of Table 4 (which is 0.581) with the standard deviation of log divestiture 

xperience in Table 2 (which is 0.822). 
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and may even make worse divestiture decisions. 
abulated ones. They are also not driven by reverse causality or si-

ultaneity. 

Further, we address potential sample selection issues. In par-

icular, we test the possibility of divesting certain units when the

pportunity of divesting these units (i.e., the number of such units

n the divesting firm) are the same for serial and ad-hoc divestors.

e perform sub-sample analysis on firms with similar numbers of

pecific types of units. For example, we re-estimate non-core unit

egressions using firms with the number of non-core units above

he median. The results again remain qualitatively similar. Our re-

ults are also robust to additional and alternative controls of cor-

orate governance, different time periods and accuracy of divesti-

ure records. Last, we take steps to ensure that the results are not

ttributable to the presence large-loss and large-gain deals. 

This paper contributes to the literature in three important ways.

irst, we highlight the importance of organizational experience in

ivestiture outcomes. The process of undertaking more divestitures

reates institutional memory that remains within the firm. This

hannel of institutional memory is also likely to reflect and shape

orporate culture, which leads to the second contribution of the

aper. 

Culture may serve as a channel that contributes to the better

utcomes of serial divestitures. Since employees face choices that

annot be properly regulated ex ante, corporate culture is impor-

ant in setting constraints ( O’Reilly, 1989; Kreps et al., 1996 ). Most

xecutives view culture as one of the top three factors that affect

heir firm’s value ( Graham et al., 2018 ). As a firm serially divest, its

ulture is likely to be embedded in and enhanced through these

ecisions. That is, a certain culture that forms as firm experience

ccumulates may make firm experience valuable. Thus, this paper

lso contributes to the literature on culture. 

Third, we provide insight into the nature of experienced di-

estors. We show that experienced divestors benefit from the

xperience gained over multiple transactions, that experience

ccumulated at the firm-level is more important than that at-

ributable to individuals, including the CEO and the board, and

hat more recent experience has incremental value of older ex-

erience. The experiential benefits of divestiture experience are

ot merely an artifact of distressed firms engaging in multiple

ivestitures (experienced divestors are less financial distressed) or

f firms splitting one large transaction into multiple transactions

o avoid saturating the market (as experienced divestors do larger

ivestitures). The finding that experienced divestors are more

ikely to invest the divestment proceeds on value-creative future

cquisitions provides further support on their strategic nature. 

Last, this paper contributes to the M&A literature and our un-

erstanding of takeovers. Researchers find mixed evidence as to

hether CEOs’ acquisition experience is beneficial for the next ac-

uisition (see Kumar et al., 2015; Trichterborn et al., 2015 ) for an

xample of the “learning” effect and ( Billett and Qian, 2008 ) for the

ffect of CEO hubris). Our finding that experienced divestors are

ore likely to conduct future acquisitions helps to reconcile the

ixed evidence, by identifying a subsample in which the “learn-

ng effect” of serial acquisitions is truly dominating. That is, the

ubsample of firms that actively divest are more likely to benefit

rom learning during the process of repetitive acquisitions. Prior

iterature also finds that unrelated acquisitions, in particular, are

sually followed by divestitures (see e.g., Bergh, 1997 ). We show

hat firms may also divest first to be better prepared for the sub-

equent acquisitions. This offers a new angle of understanding the

henomenon of serial M&As. 

. Hypotheses and predictions 

Experienced divestors tautologically have more opportunities to

earn from prior deals; and thus, could apply this knowledge to
acilitate better deal execution in subsequent deals. In the con-

ext of divestitures, Boot (1992) predicts theoretically that man-

gers with divestiture experience are of higher quality and rec-

gnize the importance of corporate reorganization in maximizing

rm long-run value. In the context of takeovers, firms appear to

earn from prior takeover experience when undertaking future ac-

uisitions ( Kumar et al., 2015; Trichterborn et al., 2015 ). Naturally,

eneralizing experience from prior, but different, situations can be

armful ( Haleblian and Finkelstein, 1999 ). Further, heterogeneity in

xperience may impede learning as it gives managers too many

isconnected experiences with too little opportunity to identify

onsistent trends and to build mental models ( Barkema and Schi-

ven, 2008; Aktas et al., 2013 ). However, the fact that managers of

xperienced divestors are more active suggests they are likely to

pply the experience more carefully and have opportunities to ap-

ly their prior experience. 

In addition, corporate culture is likely to be strengthened and

ultivated as a firm accumulates more divestiture experience,

hich in turn guides future divestiture decisions. According to

’Reilly (1989) and Kreps et al. (1996) , culture sets important con-

traints to employees’ behavior where ex ante regulation is not in

lace. In addition, culture is considered as a top factor that affects

rm value ( Graham et al., 2018 ). Strengthening, and embedding, di-

estiture experience into corporate culture, should thus permeate

nto better future divestiture decisions. 

More importantly, firm-level divestiture experience could mat-

er because organizational memory is preserved even when key or-

anizational members leave ( Weick and Gilfillan, 1971 ), and persis-

ently shapes top management decision making ( Nelson and Win-

er, 1982 ). This largely arises due to the routinization of activity,

hich then becomes embedded in organization processes, controls,

nd procedures. In turn, this imparts routinized divestiture experi-

nce into managers throughout the firm’s management hierarchy.

hus, while individual managers can leave the organization, the

rm’s organization structure will remain in place. 

Engaging in a pattern of divestitures can also help firms to ap-

reciate how to facilitate strategic renewal. Revitalizing assets is an

mportant driver of corporate growth (see e.g., Bena and Li, 2014 ).

ash, obtained through divesting assets, can be a strategically use-

ul resource through which to facilitate renewal ( Kim and Bet-

is, 2014 ). Prior experience with which units require divestment

due to, for example, poor strategic fit) can help firms to learn

hich units might best facilitate future growth. The following sub-

ections detail the ways in which divestiture experience could in-

uence the nature of divestitures and their performance. 

The alternative view is that firm-level divestiture experience

ay not be associated with better divestiture decisions, or may

ven be associated with worse divestiture decisions for three

easons. First, a firm may divest to relieve its financial burden

nd may have to continue divesting serial divestitures because

he relief is only temporary. For example, Yang (2008) theorizes

hat negative productivity shocks motivate selling decisions. Sec-

nd, frequent divestors could be merely correcting past ineffi-

iencies (e.g., rent seeking, Rajan et al., 20 0 0 ; or agency prob-

ems, Hanson and Song, 2006 ). This would be especially relevant

f the firm acquired before divesting. Third, organizational experi-

nce could be merely a reflection of managerial experience. In this

ense, once managerial experience has been accounted for, orga-

izational experience should not have any predictive power in ex-

laining divestiture decisions. We summarize these two hypothe-

es as follows: 

0. Experienced divestors make better divestiture decisions . 

A. Experienced divestors do not make better divestiture decisions,
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2.1. Divested units 

The above hypotheses entail several empirical predictions. Be-

cause predictions following H A would just be the opposite of H 0 ,

we focus our discussion on predictions of H 0 . The first prediction

pertains to the types of units that experienced divestors are likely

to divest. Following H 0 , we expect divestors with more experience

to sell units of lesser importance, in terms of business-segment,

geographic location and relative performance. Prior literature has

shown that divesting these types of units can create value for the

divestor. Divesting units of non-core business lines is beneficial

because it enables refocusing and thereby reduces the diversifi-

cation discount ( Berger and Ofek, 1995; Dittmar and Shivdasani,

2003 ), improves investment efficiency ( Rajan et al., 2000; Kaiser

and Stouraitis, 2001b; Dittmar and Shivdasani, 2003 ), strengthens

operating performance ( John and Ofek, 1995 ) and deters hostile

takeover attempts ( Boot, 1992; Comment and Jarrell, 1995 ). As a

result, the market reacts more positively to their announcements

(see e.g., John and Ofek, 1995; Dittmar and Shivdasani, 2003 ). Re-

focusing geographically could also improve operational efficiency

via better understanding and cooperation and reduced transactions

costs. Divesting underperforming units is directly related to the

elimination of rent seeking ( Scharfstein and Stein, 20 0 0 and there-

fore receives more favorable announcement returns Meyer et al.,

1992; Kaiser and Stouraitis, 2001a ). Overall, selection of these pe-

ripheral divisions improves divestiture performance because it in-

creases divisional transparency and eliminates negative synergies

( Eckbo and Thorburn, 2008 ). We expect that experienced divestors

will be more able to identify the types of units whose divestiture

will create the most value. 

Prediction 1. Experienced divestors are more likely to divest non-

core, geographically distant or underperforming units. 

2.2. Market timing 

We expect that experienced divestors optimally time the mar-

ket by selling during industry merger waves. Experience will en-

able divestors to identify the best market conditions in which

to sell a unit. Holding other factors constant, selling during a

merger wave will deliver higher premiums ( Andrade et al., 2001;

Moeller et al., 2005; Alexandridis et al., 2012 ) than selling out-

side the wave. The expectation that experienced divestors are more

likely to divest during a merger wave is based on two facts.

First, experienced divestors might be more able to wait for fa-

vorable market conditions, to the extent that they are unlikely to

be forced by financial distress. Second, asset reallocation is pro-

cyclical ( Shleifer and Vishny, 2003; Rhodes–Kropf, Robinson, and

Viswanathan, 2005; Eisfeldt and Rampini, 20 06; Yang, 20 08 ). Thus,

prior experience of undertaking takeovers may also enable expe-

rienced divestors to better time the market. We directly examine

this alternative by controlling for takeover experience to both ex-

amine the role of such experience in driving divestiture-timing,

and to ensure that it does not explain the relationship between

divestiture-experience and divestiture-timing. 

Prediction 2. Experienced divestors are more likely to divest dur-

ing industry merger waves. 

2.3. Divestiture performance 

The foregoing hypotheses focus on the types and timing of di-

vestitures that experienced divestors are predicted to undertake.

These divestiture-characteristics should also manifest themselves

in improved performance, in terms of divestiture announcement

returns and post-divestiture operating performance. While it is
rue that divesting value-destroying units will tautologically im-

rove performance, we expect that experienced divestors will be

ore skilled at choosing which units to divest (and when to divest

hem) and will be more knowledgeable about how to subsequently

e-deploy resources. 

The reasons are three-fold. First, experienced divestitures may

enefit from the value of waiting, to the extent that they are com-

leted gradually over time and are not forced by financial distress.

ollowing the logic of real option valuation, more accurate infor-

ation reveals itself over time, leading to more informed decision

aking, and the probability of the divestiture earning a larger pos-

tive net present value. Second, the literature finds a positive corre-

ation between announcement cumulative abnormal returns (CARs)

nd the divestment of peripheral units (e.g., Markides, 1992; Kaiser

nd Stouraitis, 2001a; Dittmar and Shivdasani, 2003 ) and market

iming ( Alexandridis et al., 2012 ). Third, such divestitures are gen-

rally associated with improved post-divestiture operating perfor-

ance ( Berger and Ofek, 1995; Bergh, 1995; John and Ofek, 1995;

arkides, 1995; Datta et al., 2003; Hanson and Song, 2003; Denis

nd Shome, 2005; Bauguess et al., 2012; Feldman et al., 2016 ) indi-

ating that market expectations on divestiture announcement are,

n average, realized. Given that we expect experienced divestors to

o more of the types of divestiture that will create more value, we

ake the following predictions: 

rediction 3a. Experienced divestors earn more positive an-

ouncement returns. 

rediction 3b. Experienced divestors have stronger operating per-

ormance after a divestiture. 

.4. Use of proceeds 

Apart from types and performance of divestitures, the strategic

ature of experienced divestitures may also be reflected on the use

f proceeds from sales. Hamilton and Chow (1993) show that di-

esting firms grows significantly faster than non-divestors. We ex-

ect that experienced divestors will invest the proceeds in a way

hat both fulfills their goal of strategic repositioning/restructuring

nd benefits shareholders. Firms can re-deploy these assets in

he form of CAPEX and R&D; however, in order to analyze the

alue-implications of such investments, we analyze a major event:

 takeover. To the extent that the acquirer’s manager’s behavior

n acquisitions tends to be consistent with his/her behavior in

ther investments (see for example the analysis of managerial en-

renchment in acquisitions in Masulis et al., 2007 ), an analysis of

akeovers is at least partially generalizable to other forms of in-

estments. This leads to the following prediction. 

rediction 4. Experienced divestors are more likely to re-invest via

cquisitions after a divestiture. 

. Data and methodology 

.1. Data sources and variable constructions 

The full sample includes 6216 completed divestitures made by

S public firms from 1990 to 2011. There are 2314 unique divestors

n 4609 firm-years (as decomposed in Column 3 of Table 1 ), with

ome divestors making multiple divestitures in a single year. The

ample size varies across regressions according to data availabil-

ty for the variables used in the models. The divestiture announce-

ents are collected from SDC Platinum’s Mergers and Acquisitions

atabase. These include both asset sales (of mostly divisions and

ubsidiaries) as well as spin-offs. We are careful to remove du-

licate observations (identified by date announced, buyer’s CUSIP,
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Table 1 

Time series of divestitures and divestiture experience 

Column (1) denotes year. Columns (2) and (3) show the number divestitures and divestors in each 

year, respectively. Column (4) presents the percentages of divestors with divestiture experience in 

the latest 3 years. 

Year Number of divestitures Number of divestors % Experienced divestors (3-Year) 

(1) (2) (3) (4) 

1990 220 160 70.00% 

1991 202 154 75.32% 

1992 228 168 79.76% 

1993 240 180 75.00% 

1994 315 229 67.25% 

1995 379 277 72.56% 

1996 384 280 70.00% 

1997 439 304 74.34% 

1998 441 310 77.74% 

1999 404 297 73.06% 

20 0 0 334 244 70.08% 

2001 333 235 69.79% 

2002 288 230 68.70% 

2003 262 203 64.53% 

2004 263 198 74.75% 

2005 300 231 68.40% 

2006 234 180 70.00% 

2007 230 178 66.85% 

2008 185 143 61.54% 

2009 183 135 54.81% 

2010 173 144 54.86% 

2011 179 129 65.89% 

Total 6216 4609 

Average 283 210 69.33% 
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6 We use the number of business lines to proxy diversification (as in John and 

Ofek, 1995 ). The results are robust to using the Herfindahl focus index (as in 

Opler and Titman, 1993 ) constructed using segment data from the Compustat Seg- 

ment File. 
7 In the tabulated results, we use the Bebchuk, Cohen, and Ferrell (2009) en- 

trenchment index. We recode missing values to be state averages, because the six 

key anti-takeover provisions are enforced and therefore mostly determined by state 

laws. Doing so maintains the sample size at 5,992 instead of 4,344. However, we 

make sure that results are robust to using the un-recoded BCF index. It is also 

robust to alternative governance measures including the Gompers, Ishii, and Met- 

rick (2003) 24 governance provisions and indicators for classified boards and poison 

pills (as per Bebchuk and Cohen, 2005 ). In addition, our results remain qualitatively 

the same if we add Herfindahl-Hirschman Index and institutional ownership as ad- 

ditional controls for corporate governance. 
8 We do not control for Relative Deal Size in the main regressions, as it would 

reduce the number of observations almost by half due to missing values in transac- 

tion value. However, we confirm that our regression results are robust to this addi- 

tional control. We also experiment in the subsample of large deals where Relative 

Deal Size is at least 5%. The number of observations drops dramatically from 6,216 

to 1,570 divestitures. We find that the results to be statistically less significant but 
eller’s CUSIP and divested unit’s CUSIP) and internal restructur-

ng activities (i.e., target and acquirer have the same CUSIP). Ac-

ounting data are from Compustat (and the Compustat Segment

ile for divested units’ accounting information) and stock data are

rom CRSP. 

We focus on firm-level divestiture experience (cf. CEO and

oard experience) for our hypotheses and most of our tests. By di-

estiture experience we refer to the number of divestitures that

he firm has been involved in over the preceding three years. We

se firm-level experience because experience can amass at the

rm level. This manifests in improved internal procedures, training

nd education of junior executives, and staff, and increased oper-

tional efficiencies. CEO experience and board experience are also

elevant. Firm-level experience will capture CEO and board experi-

nce at the firm in question (though not their experience at prior

rms). We nevertheless examine CEO and board experience in Sec-

ion 4.6. 

We define the amount of experience earned over the past three

ears as the natural log of one plus the number of completed and

ncompleted divestitures that the firm has done over those three

ears. At the organizational level, this is the experience accumu-

ated by a firm in the past. Unlike the divestiture sample that fo-

uses on completed deals only, the experience variables also ac-

ount for uncompleted deals. This is because there is no reason to

elieve firms cannot learn from failed or pending attempts. Simi-

arly, both value-creative and value-destroying deals are considered

ecause both types can facilitate learning (see e.g., Harford and

chonlau, 2013 ). Log transformation ensures outliers do not drive

he results. The results are robust to the construction of experience

easures if we only look at experience earned over completed

ivestitures, if we weight experience by divestiture performance,

f we down-weight distant experience (i.e., weight experience by

/ t ), or if we use binary variables to indicate if the company has

one at least one divestiture over the past three years. 

We construct control variables that might influence deal se-

ection, execution or outcomes. The most commonly used con-

rols in the divestiture literature include lagged firm size, liq-

c

idity ( Kim, 1998 ), leverage ( Jensen, 1989; Denis and Shome,

005 ), CAPEX, R&D, advertising, operating performance ( Denis and

home, 2005 ), Tobin’s Q, level of diversification 

6 ( Denis and

home, 2005 ) and entrenchment indices 7 ( Owen et al., 2010 ). We

urther control for firms’ acquisition experience because acquisi-

ion experience may also help in accumulating restructuring expe-

ience. Further, the M&A literature has highlighted the importance

f investment banks ( Bao and Edmans, 2011; Song et al., 2013 ) and

aw firms ( Krishnan et al., 2012; Krishnan and Masulis, 2013 ) in

eal outcomes. We therefore control for the transaction experience

f all financial and legal advisors that a divesting firm uses during

 divestiture. 8 Table A1 provides definitions of all variables. 

.2. Summary statistics 

Table 1 reports the time series of divestitures, divestors and

ercentages of experienced divestors. On average, more than half

f the divestors in each year have done at least one divestiture.
onsistent with the tabulated ones. 
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Fig. 1. Divestiture activity by year 

This figure plots the divestiture activity by year. Here we look at the proportion of Compustat firms (for which assets data is available) that perform a divestiture in our 

sample. 
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And on average, a divestor has conducted 2.026 divestitures in the

prior 3 years. 9 The time variations reveal some interesting facts. 

First, there is some clustering in divestitures ( Mulherin and

Boone, 20 0 0; Powell and Yawson, 20 05 , 20 07 ), and also some ev-

idence that divestitures occur at a similar time to M&A waves.

This clustering is statistically significant at the one percent level

using a chi-square test for clustering. We depict divestiture activ-

ity in Fig. 1 . Here, we look at the proportion of Compustat firms

(with the minimal requirement that they have assets) that under-

take divestitures in our sample. The figure suggests clear spikes

and troughs in divestiture activity. 

Divestiture clustering is expected because macro-economic and

industry factors are likely to be important in explaining M&As

and divestitures, although different factors are likely to drive

more or less of both restructuring events. For example, while de-

mand/supply shocks can increase both M&As (e.g., through con-

solidation) and divestiture activity, technological, regulatory and

energy price changes can have opposite effects on both activities

(e.g., Coase, 1937; Gort, 1969; Bradley et al., 1988; Jensen, 1993;

Mitchell and Mulherin, 1996; Powell and Yawson, 2005 ). Also, ac-

quisitions are usually followed by divestitures ( Kaplan and Weis-

bach, 1992 ). Consequently, it is not surprising that the number of

divestitures tend to increase with the occurrence of merger waves

over time. 10 We mitigate the concern that these experienced di-

vestors are merely serial acquirers by controlling for the divestor’s

acquisition experience in our multivariate models. We also show

that future divestiture experience is not simply motivated by past

acquisition mistakes in robustness tests (see Sub- Section 5.1 ). 

Second, the number of divestitures and the percentage of ex-

perienced divestors have gradually decreased in recent years. One

reason could be that divestitures have become much more diffi-

cult than before due to higher levels of IT integration, shared sup-

port services and joint facilities. 11 Another reason could be the past
9 Should we exclude firms that conduct spin-offs, the average number of prior 

divestitures in the last 3 years would increase from 2.026 to 2.040. 
10 The fifth merger wave started in 1992 and ended in 20 0 0, and the sixth merger 

wave started in 2003 and peaked in 2006, ending in 2008 at the onset of the global 

financial crisis ( Alexandridis, Mavrovitis, and Travlos, 2012 ). 
11 “Seven reasons divestitures are harder than you think” Booz Allen Hamilton , June 

11, 2013. 

b

 

r  

v  

p  

a  

a  

d  
rocess of reverse conglomeration has reduced the number of con-

lomerates that need divestment. 

Table 2 Panel A contains summary statistics for the main vari-

bles. On average, all divestors have attempted 2 divestitures over

he last 3 years, before conducting the next divestiture. About 65%

nd 59% divest non-core and distant units, respectively. This is con-

istent with prior findings that non-core units are more likely to

e divested ( Schlingemann et al., 1999 ) and firms tend to adopt a

pecking order” and divest out-of-state units before those in-state

 Landier et al., 2009 ). However, only 26% of divested units are un-

erperforming, and about 20% of divestitures are conducted during

ndustry merger waves. These statistics suggest that divestors do

ot always divest strategically. This suggests that if these deal at-

ributes have a much larger presence in the sub-sample of divesti-

ures conducted by experienced divestors, they would likely also

e associated with divestiture experience accumulated by firms. 

The stock market reacts positively, on average, to divestiture an-

ouncements, which is consistent with the prior literature ( Jain,

985; Klein, 1986; Afshar et al., 1992; Sicherman and Pettway,

992; Fluck and Lynch, 1999; Dittmar and Shivdasani, 2003; Eckbo

nd Thorburn, 2008; Ang et al., 2012 ). This is theoretically ex-

ected because raising capital by doing a divestiture (as opposed

o issuing equity) can reflect a general desire to not issue equity;

nd thus, represents a signal that the stock price is undervalued

 Nanda and Narayanan, 1998 ). It also reveals investors tend to in-

erpret divestitures as positive NPV projects. Variables of acquisi-

ion experience and divestiture experience share similar distribu-

ions, based on mean, standard deviation and percentiles. Another

bservation is that divestors are typically larger firms, with total

ssets averaging at $3181 million. Finally, divestors are not neces-

arily bad firms according to their pre-divestiture operating perfor-

ance and level of managerial entrenchment (captured by the BCF

ndex). This suggests that divestitures may not always be motivated

y financial distress. 

Table 2 Panel B provides correlations of the main variables. The

esults are largely consistent with expectations. Experienced di-

estors tend to divest non-core, geographically distant and under-

erforming units. They use advisors with more experience, encour-

ge more bidding competition, and are more likely to divest during

n industry merger wave. They are also more experienced in con-

ucting acquisitions, larger in size, and more diversified. Most
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Table 2 

Summary statistics and correlations of variables 

Ln Divest Exp (3-Year) is the natural log of one plus the number of divestitures experienced by a firm over the last 3 years before the divestiture. Non-core Unit is an 

indicator that equals one if none of the 4-digit SIC codes of the divested unit is the same as the primary 4-digit SIC code of the divesting firm. Distant Unit is an indicator 

that equals one if the divested unit’s and the divesting firm’s headquarters are located indifferent states. Underperform Unit is an indicator that equals one if the divested 

unit’s operating performance is lower than that of the divestor prior to a divestiture. In Merger Wave indicator that equals one if the divestiture occurs in an industry 

merger wave. 

Panel A: Summary statistics for the main variables 

Column (1) shows the number of non-missing values for each variable. Columns (2)–(6) present the average value, standard deviation, and the 5th, 50th and 95th 

percentiles, respectively. 

Observations Mean SD 5th 

percentile 

Median 95th 

percentile 

(1) (2) (3) (4) (5) (6) 

Divest Exp (3-Year) 6216 2.026 3.638 0.0 0 0 1.0 0 0 10.0 0 0 

Ln Divest Exp (3-Year) 6216 0.693 0.819 0.0 0 0 0.693 2.398 

Non-core Unit 6216 0.654 0.476 0.0 0 0 1.0 0 0 1.0 0 0 

Distant Unit 6216 0.588 0.492 0.0 0 0 1.0 0 0 1.0 0 0 

Underperform Unit 282 0.280 0.450 0.0 0 0 0.0 0 0 1.0 0 0 

In Merger Wave 6216 0.197 0.398 0.0 0 0 0.0 0 0 1.0 0 0 

CAR 5982 0.885 6.4 4 4 −7.366 0.251 11.227 

Ln Acq Exp (3-Year) 6216 0.817 0.843 0.0 0 0 0.693 2.398 

Ln(Firm Size) t-1 6216 8.075 2.299 3.851 8.301 11.391 

Liquidity t-1 6216 0.062 0.086 0.003 0.032 0.224 

Leverage t-1 6216 0.218 0.177 0.0 0 0 0.188 0.558 

CAPEX t-1 6216 0.106 0.251 0.0 0 0 0.045 0.365 

R&D t-1 6216 0.050 0.318 0.0 0 0 0.0 0 0 0.156 

Advertising t-1 6216 0.010 0.024 0.0 0 0 0.0 0 0 0.056 

OP t-1 6216 0.087 0.143 −0.083 0.101 0.238 

Tobin’s Q t-1 6216 1.628 1.073 0.909 1.309 3.326 

Diversification 6216 3.260 2.141 1.0 0 0 3.0 0 0 8.0 0 0 

BCF 6216 2.227 1.212 0.0 0 0 2.0 0 0 4.0 0 0 

Ln Inter Exp (3-Year) 6216 0.609 1.033 0.0 0 0 0.0 0 0 2.996 

Familiar Buyer 5992 0.410 0.492 0.0 0 0 0.0 0 0 1.0 0 0 

% Cash Payment 2227 74.086 39.090 0.0 0 0 10 0.0 0 0 10 0.0 0 0 

Relative Deal Size 3575 0.229 0.612 0.0 0 0 0.035 1.093 

Panel B: Correlations of the main variables 

Superscripts ∗∗∗ , ∗∗ and ∗ denotes significance at 1%, 5% and 10%, respectively. 

1 2 3 4 5 6 7 8 9 10 11 

1 Ln Divest Exp (3-Year) 1 

2 Non-core Unit 0.121 ∗∗∗ 1 

3 Distant Unit 0.152 ∗∗∗ 0.0871 ∗∗∗ 1 

4 Underperform Unit 0.235 ∗∗∗ 0.0411 0.0366 1 

5 In Merger Wave 0.0715 ∗∗∗ 0.0223 ∗ 0.0197 −0.211 ∗∗∗ 1 

6 CAR −0.0445 ∗∗∗ −0.0211 −0.0317 ∗∗ 0.138 ∗∗ −0.0279 ∗∗ 1 

7 Ln Acq Exp (3-Year) 0.572 ∗∗∗ 0.0917 ∗∗∗ 0.148 ∗∗∗ 0.0461 0.0808 ∗∗∗ −0.0739 ∗∗∗ 1 

8 Ln(Firm Size) t-1 0.571 ∗∗∗ 0.125 ∗∗∗ 0.167 ∗∗∗ 0.125 ∗∗ 0.0163 −0.109 ∗∗∗ 0.571 ∗∗∗ 1 

9 Liquidity t-1 −0.157 ∗∗∗ −0.0749 ∗∗∗ −0.0940 ∗∗∗ −0.0214 −0.0290 ∗∗ 0.0355 ∗∗∗ −0.184 ∗∗∗ −0.302 ∗∗∗ 1 

10 Leverage t-1 0.0134 −0.0791 ∗∗∗ 0.0622 ∗∗∗ 0.0135 −0.0158 0.0213 ∗ −0.00396 −0.00929 −0.216 ∗∗∗ 1 

11 CAPEX t-1 −0.0405 ∗∗∗ −0.158 ∗∗∗ −0.0258 ∗∗ −0.00474 0.0616 ∗∗∗ −0.0262 ∗∗ −0.0374 ∗∗∗ −0.0901 ∗∗∗ −0.00443 0.212 ∗∗∗ 1 

12 R&D t-1 −0.0687 ∗∗∗ −0.0531 ∗∗∗ −0.0895 ∗∗∗ −0.0908 0.00666 0.0246 ∗ −0.0598 ∗∗∗ −0.155 ∗∗∗ 0.212 ∗∗∗ −0.0203 0.133 ∗∗∗

13 Advertising t-1 0.0120 −0.00255 −0.00220 0.0703 −0.0248 ∗ 0.0163 −0.0240 ∗ 0.0217 ∗ 0.0784 ∗∗∗ −0.0436 ∗∗∗ −0.00412 

14 OP t-1 0.125 ∗∗∗ 0.0834 ∗∗∗ 0.0918 ∗∗∗ 0.150 ∗∗ 0.00107 −0.0570 ∗∗∗ 0.0997 ∗∗∗ 0.274 ∗∗∗ −0.209 ∗∗∗ 0.0520 ∗∗∗ −0.0858 ∗∗∗

15 Tobin’s Q t-1 −0.0357 ∗∗∗ −0.0357 ∗∗∗ 0.0 060 0 −0.126 ∗∗ 0.0731 ∗∗∗ −0.0258 ∗∗ −0.0224 ∗ −0.125 ∗∗∗ 0.307 ∗∗∗ −0.114 ∗∗∗ 0.0263 ∗∗

16 Diversification 0.408 ∗∗∗ 0.180 ∗∗∗ 0.132 ∗∗∗ 0.0934 −0.0379 ∗∗∗ −0.0338 ∗∗∗ 0.345 ∗∗∗ 0.390 ∗∗∗ −0.126 ∗∗∗ −0.0493 ∗∗∗ −0.118 ∗∗∗

17 BCF −0.194 ∗∗∗ −0.0678 ∗∗∗ −0.0443 ∗∗∗ −0.0592 −0.0640 ∗∗∗ 0.0272 ∗∗ −0.197 ∗∗∗ −0.0983 ∗∗∗ −0.0208 0.0582 ∗∗∗ 0.0366 ∗∗∗

18 Ln Inter Exp (3-Year) 0.116 ∗∗∗ 0.00240 −0.0132 −0.00480 0.0221 ∗ 0.0538 ∗∗∗ 0.0846 ∗∗∗ 0.202 ∗∗∗ −0.0353 ∗∗∗ 0.0375 ∗∗∗ 0.00945 

19 Familiar Buyer −0.0822 ∗∗∗ −0.313 ∗∗∗ −0.0521 ∗∗∗ −0.0338 −0.0420 ∗∗∗ 0.0122 −0.0505 ∗∗∗ −0.0457 ∗∗∗ 0.0195 0.00326 0.0630 ∗∗∗

20 % Cash Payment 0.0304 −0.00833 0.0637 ∗∗∗ −0.173 ∗ −0.0226 −0.0390 ∗ −0.0541 ∗∗ 0.00581 −0.00686 0.00988 −0.00934 

21 Relative Deal Size −0.165 ∗∗∗ −0.0748 ∗∗∗ −0.0924 ∗∗∗ 0.146 ∗∗ 0.0 0 0925 0.225 ∗∗∗ −0.179 ∗∗∗ −0.285 ∗∗∗ 0.0176 0.0647 ∗∗∗ 0.0139 

12 13 14 15 16 17 18 19 20 21 

12 R&D t-1 1 

13 Advertising t-1 0.0281 ∗∗ 1 

14 OP t-1 −0.401 ∗∗∗ −0.00257 1 

15 Tobin’s Q t-1 0.199 ∗∗∗ 0.212 ∗∗∗ 0.0547 ∗∗∗ 1 

16 Diversification −0.0425 ∗∗∗ 0.0554 ∗∗∗ 0.176 ∗∗∗ −0.0129 1 

17 BCF −0.00106 −0.0937 ∗∗∗ −0.0131 −0.0696 ∗∗∗ −0.143 ∗∗∗ 1 

18 Ln Inter Exp (3-Year) −0.0378 ∗∗∗ 0.0464 ∗∗∗ 0.0218 ∗ −0.0320 ∗∗ 0.0119 0.00111 1 

19 Familiar Buyer 0.0221 ∗ 0.00242 −0.0527 ∗∗∗ 0.0 0 0629 −0.159 ∗∗∗ 0.0519 ∗∗∗ 0.0551 ∗∗∗ 1 

20 % Cash Payment −0.0345 0.00334 −0.0194 −0.118 ∗∗∗ −0.195 ∗∗∗ 0.0694 ∗∗∗ 0.0885 ∗∗∗ −0.00909 1 

21 Relative Deal Size 0.00816 0.00928 −0.183 ∗∗∗ −0.0954 ∗∗∗ −0.125 ∗∗∗ 0.00845 0.0494 ∗∗∗ 0.0497 ∗∗∗ −0.0251 1 
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15 The sample size of model 3 is limited to 221 due to the difficulty in data match- 
importantly, experienced divestors tend to have better pre-

divestiture operating performance, which supports the view that

experienced divestitures, on average, are unlikely to be driven by

underperformance or distress. This is in line with our hypothesis

that divestiture experience of firms can be beneficial and divesti-

tures conducted by experienced divestors are more likely to be

strategic in nature. Lastly, divestiture experience is significantly

negatively correlated with the BCF index. This is consistent with

the intuition that firms that are active in making tough decisions

(i.e., divestment in this paper) are usually well-governed and

managed firms ( Boot, 1992 ). 

3.3. Methods 

Overall, our data is cross-sectional and structured by divesti-

ture transaction. The regression analysis takes the general form of

Eq. (1) : 

y it = α + β( 1 ) Experienc e it + θX it + λt + c i ( k ) + ε it (1)

where y it includes deal-related variables motivated in Section 2 ,

Experience jt is a measure of firm divestiture experience; X jt is a

vector of firm-specific control variables described in Section 3.1 ,

λt is a year dummy and c i ( k ) is an industry dummy for firm i being

in industry k and ɛ it is the error term clustered by firm. Inclusion

of industry and year dummies are to make sure that the results do

not merely reflect industry or time effects ( Johnson et al., 2009;

Gormley and Matsa, 2014 ). Besides firm-level divestiture experi-

ence, we also experiment with CEOs’ divestiture experience, both

as a key independent variable and as a control variable. In the ro-

bustness section, we also analyze board experience. 13 

4. Analysis 

4.1. What are the characteristics of divested units selected by 

experienced divestors? 

We first consider whether experienced divestors are more likely

to divest peripheral units, such as those that are unrelated to the

divestor’s core line of business, geographically distant from the di-

vestor’s base-of-operations or those that underperform other units

in the firm. 

Table 3 reports the odds ratios of logit regressions where

models 1–3 account for whether the divested unit is non-core, 14 

geographically distant and underperforming, respectively. An odds

ratio of greater than (less than) one indicates that a particular vari-

able increases (decreases) the likelihood of a particular outcome.

The odds ratios of divestiture experience are all greater than one

and statistically significant, with larger magnitudes for more recent

experience. For example, a one unit increase in 3-year divestiture

experience would make a divestor 14% more likely to divest non-

core units than core units, and 12% more likely to divest distant

units than relatively close units. The odds ratio of divestiture ex-

perience in the underperforming unit regression (i.e., model 3) is

particularly large in magnitude, and suggests that underperform-

ing units are more than 2 times more likely to be divested than
13 We are aware of the possibility of systematic differences between divesting 

firms with and without recent divestiture experience. We thus perform propensity 

score matching and match the ‘experienced’ divestors with a control set of non- 

experienced divestors. This is fully discussed and tabulated in Section 5.2 . 
14 In the tabulated tables, we define a unit to be non-core if none of the 4-digit 

SIC codes of the divested unit is the same as the primary 4-digit SIC code of the 

divesting firm. We confirm that we obtain qualitatively similar result when we de- 

fine a non-core unit based on its the primary SIC code instead of all SIC codes (i.e., 

a non-core unit has a 4-digit primary SIC code that is different from the divest- 

ing firm). Our results are also robust to alternative definitions based on 2-digit or 

3-digit SIC codes. 
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utperforming or average units. 15 This highlights the intention of

mproving performance of experienced divestors ( Boot, 1992 ). 16 

lso, odds ratios of diversification in models 1–6 are greater than

ne and statistically significant. This reveals more diversified firms

re more likely to refocus operationally or geographically. 

Another observation is that advisors used in transactions are

elatively less influential in unit selection, which mitigates the con-

ern that advisors push the sale of particular units. In models 1

nd 3, odds ratios of advisors’ experience are statistically insignif-

cant. In model 2 it has a smaller economic effect (though sta-

istically significant) than divestiture experience (i.e., the absolute

alues of their differences with one are small) and is less than

ne. That is, better advisors are more likely to be involved in the

ale of geographically close units. Prior acquisition experience is

lso important, but only for divesting distant units. For non-core

nd underperforming units, acquisition experience odds ratios are

ess than one, and insignificant. This suggests that divestiture ex-

erience provides greater additional strategic benefits, particularly

hen it comes to the decision to divest non-core and underper-

orming units. Overall, divestors with more experience tend to re-

ain core and well performing divisions and sell peripheral and un-

erperforming ones. 

.2. Are experienced divestors more likely to time the market? 

We analyze the likelihood of market timing by testing whether

 divestiture occurs during an industry merger wave. We fol-

ow Harford (2005) in identifying merger waves of the 48 Fama

rench industry groups. There are 32 merger waves over 1990–

011, 26 of which occurred in 1990s and are identical to those in

arford (2005) . Table A2 lists the 6 merger waves in 20 0 0s. A di-

estiture is defined to be ‘in-merger-wave’ if either the seller or

he buyer or both is in an industry experiencing a merger wave

hen the divestiture is announced. By definition, this indicator

as significant collinearity with Year fixed and industry dummies

and thereby reducing the sample size to 3830 observations). So

e drop these dummies in the logit regressions of the in-merger-

ave indicator. 

Column 4 of Table 3 contains the odds ratios from logit mod-

ls that predict the likelihood that the divestiture occurs during

 M&A wave. The odds ratio of divestiture experience is greater

han one and statistically significant. This confirms prediction 2

hat divestors with more experience tend to divest during indus-

ry merger waves, which has the benefit of divested units receiving

igher premiums due to greater competition during merger waves

 Alexandridis et al., 2012 ). That is, experienced divestors are likely

o be engaged in a strategy of judiciously releasing assets when

arket opportunities present themselves. The fact that prior ac-

uisition experience also helps in timing the market is not sur-

rising, because firms with greater acquisition experience are more

ikely to understand the dynamics of industry merger waves. How-

ver, given that we control for prior acquisition experience, the

elationship between divestiture experience and timing does not
ng between SDC and Compustat Segment Files. Since the latter mainly covers sig- 

ificant units that account for more than 10% of consolidated profits, sales, or as- 

ets, the lack of data availability for divested units suggests many of them are small 

egments (as in Schlingemann, Stulz, and Walkling, 2002; Chen and Guo, 2005 ). 
16 Admittedly, a firm may transfer costs to segments to be sold so that an im- 

rovement in performance can be observed after a divestiture. We address this 

roblem by requiring an underperforming unit to have worse performance (mea- 

ured as segment operating income before depreciation over segment total assets) 

han the divestor at the consolidation level for consecutively two years before a di- 

estiture (instead of one year). The odds ratio of 3-year divestiture experience is 

ignificant at a 10% level. The reduction in significance is likely to be caused by the 

ack of accounting data for the divested segments two years before a divestiture 

ecause the sample size drops from 221 to 127. 
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Table 3 

Logit regressions of the nature of divested units and market timing, coefficients reported as odds ratios 

Columns 1–3 model the likelihood of a divestor to divest non-core, distant and underperforming unit, 

respectively. Column 4 models the likelihood of a divestiture to occur during an industry merger wave. 

All regressions are logit models, with coefficients reported as odds ratios. Models 1–3 include year and 

2-digit SIC Industry fixed effects. Ln Divest Exp (3-Year) is the natural log of one plus the number of 

divestitures experienced by a firm over the last 3 years before the divestiture. Non-core Unit is an 

indicator that equals one if none of the 4-digit SIC codes of the divested unit is the same as the pri- 

mary 4-digit SIC code of the divesting firm. Distant Unit is an indicator that equals one if the divested 

unit’s and the divesting firm’s headquarters are located indifferent states. Underperform Unit is an in- 

dicator that equals one if the divested unit’s operating performance is lower than that of the divestor 

prior to a divestiture. In Merger Wave indicator that equals one if the divestiture occurs in an indus- 

try merger wave. Standard errors are adjusted for both heteroskedasticity ( White, 1980 ) and divesting 

firm clustering. For models 7–9, the control for prior operating performance is dropped due to poten- 

tial endogeneity concerns. P -values are in parentheses. Superscripts ∗∗∗ , ∗∗ and ∗ denotes significance 

at 1%, 5% and 10%, respectively. 

Dependent variable: Non-core unit Distant unit Underperform unit In merger wave 

(1) (2) (3) (4) 

Ln Divest Exp (3-Year) 1.152 ∗∗ 1.133 ∗∗ 3.245 ∗∗∗ 1.267 ∗∗∗

(0.018) (0.020) (0.005) (0.008) 

Ln Acq Exp (3-Year) 0.994 1.177 ∗∗∗ 0.472 ∗ 1.248 ∗∗∗

(0.921) (0.002) (0.081) (0.006) 

Ln(Firm Size) t-1 1.073 ∗∗∗ 1.126 ∗∗∗ 1.243 0.948 ∗

(0.008) (0.0 0 0) (0.143) (0.050) 

Liquidity t-1 0.354 ∗∗ 0.472 ∗ 3.792 0.149 ∗∗∗

(0.016) (0.064) (0.694) (0.001) 

Leverage t-1 0.614 ∗∗ 1.487 ∗∗ 0.068 0.590 ∗∗

(0.021) (0.036) (0.181) (0.048) 

CAPEX t-1 0.671 ∗∗ 0.890 0.505 1.676 ∗∗∗

(0.033) (0.440) (0.491) (0.001) 

R&D t-1 0.933 0.296 ∗∗∗ 0.973 0.948 

(0.561) (0.002) (0.991) (0.624) 

Advertising t-1 0.214 0.750 5.053 0.011 ∗∗

(0.289) (0.842) (0.889) (0.039) 

OP t-1 1.366 0.530 ∗∗ 1.012 

(0.258) (0.021) (0.971) 

Tobin’s Q t-1 0.929 ∗∗ 1.079 ∗∗ 0.318 ∗∗ 1.206 ∗∗∗

(0.031) (0.029) (0.024) (0.0 0 0) 

Diversification 1.150 ∗∗∗ 1.041 ∗∗ 1.029 0.899 ∗∗∗

(0.0 0 0) (0.040) (0.902) (0.0 0 0) 

BCF 0.947 ∗ 0.991 0.850 0.896 ∗∗∗

(0.090) (0.752) (0.576) (0.004) 

Ln Inter Exp (3-Year) 0.982 0.889 ∗∗∗ 0.898 1.050 

(0.591) (0.0 0 0) (0.583) (0.201) 

Observations 6192 6212 238 6216 

Pseudo R 2 0.110 0.0715 0.294 0.0304 
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erely reflect recent acquisition experience. Also, the presence of

ast M&A failures does not predict the level of future divestiture

xperience (see Sub- Section 5.1 ). Another observation is that more

ecent experience matters more. 17 

.3. Do experienced divestors enjoy better divestiture performance? 

.3.1. Stock market based measures of performance 

We initially test the divestors returns surrounding the an-

ouncement of the divestiture. We test whether the stock market

esponds more positively to divestors with more experience. This

s one way to test the value created in the divestiture. Valuation

ultiples are one alternative to market returns. However, the sub-

idiaries are generally unlisted, making it generally impossible to

btain valuation multiples. We follow Moeller et al. (2005) in us-
17 We also test whether divestitures announced during merger waves are sys- 

ematically different from those outside merger waves, regardless of divestiture 

xperience. Using regression analysis with control variables and industry and 

ear fixed effects, we do not find any significant difference in terms of divesti- 

ure characteristics (i.e., the likelihood of divesting non-core units, distant units, 

nd underperforming units, respectively) and divestiture performance (i.e., CAR ). 

his further highlights the value of divestiture experience. The higher quality of 

ivestitures conducted by experienced divesting firms cannot be observed in all 

ivestitures during merger waves. Hence, the former is not driven by the mere 

n-wave timing of divestment. 

s  

s  

t  

b  

g  

a  

C

ng 3-day CARs (measured from days −1 to + 1) to capture the di-

estor’s stock price reaction to the divestiture announcement. We

alculate its benchmark parameters over days −210 to −11 (as per

asulis et al., 2007 ). Market-adjusted abnormal returns (MARs)

nd raw-abnormal returns (RAWs) are also used because they have

he potential of minimizing biases caused by contaminated event

eriods ( Aktas et al., 2007 ). 

Columns 1–3 of Table 4 show the regression results. Although

ontrolling for deal characteristics drops more than half of the

bservations, divestiture experience still has a positive and sta-

istically and economically significant effect on market reactions.

he samples for Columns 2 and 3 exclude spin-offs, because of

he control for buyer characteristics (i.e., Familiar Buyer ). Accord-

ng to Column 3, one standard deviation increase in 3-year divesti-

ure experience increases CARs by 0.581 percentage points. 18 These

upport prediction 3a. There are two interpretations of the re-

ults. First, experienced divestitures are more likely to deliver long-

erm benefits, because the market tends to evaluate divestitures

ased on long-term expectations rather than short-run financial

ains ( Montgomery et al., 1984 ) Second, experienced divestitures

re likely to receive higher premiums, because announcement
18 We calculate this by multiplying the coefficient on log divestiture experience in 

olumn 3 (0.581) with the standard deviation of log divestiture experience (0.822). 
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Table 4 

OLS regressions of announcement returns and operating performance 

Columns 1–3 present regressions of 3-day CAR around divestiture announcements. Columns 4–6 present regressions of adjusted operating perfor- 

mance 1, 2 and 3 years after a divestiture, respectively. Operating performance is adjusted by 2-digit SIC industry averages. Ln Divest Exp (3-Year) is 

the natural log of one plus the number of divestitures experienced by a firm over the last 3 years before the divestiture. All models include year fixed 

effects, and models 1–3 and 7–9 also include 2-digit SIC Industry fixed effects. Standard errors are adjusted for both heteroskedasticity ( White, 1980 ) 

and divesting firm clustering. P -values are in parentheses. Superscripts ∗∗∗ , ∗∗ and ∗ denotes significance at 1%, 5% and 10%, respectively. 

Dependent variable: CAR CAR CAR Adj OP t + 1 Adj OP t + 2 Adj OP t + 3 OP t + 1 OP t + 2 OP t + 3 
(1) (2) (3) (4) (5) (6) (7) (8) (9) 

Ln Divest Exp (3-Year) 0.340 ∗∗∗ 0.707 ∗∗∗ 0.581 ∗∗ 0.012 ∗∗ 0.012 ∗∗ 0.011 ∗ −0.003 −0.003 −0.002 

(0.005) (0.005) (0.019) (0.015) (0.019) (0.070) (0.153) (0.228) (0.570) 

Ln Acq Exp (3-Year) −0.194 −0.490 ∗ −0.416 0.008 0.006 0.006 −0.004 ∗∗ −0.005 ∗∗ −0.005 ∗

(0.164) (0.096) (0.144) (0.117) (0.284) (0.361) (0.046) (0.041) (0.060) 

Ln(Firm Size) t −1 −0.440 ∗∗∗ −0.616 ∗∗∗ −0.344 ∗∗ −0.002 −0.001 −0.002 0.007 ∗∗∗ 0.009 ∗∗∗ 0.006 ∗∗∗

(0.0 0 0) (0.0 0 0) (0.026) (0.349) (0.763) (0.430) (0.0 0 0) (0.005) (0.0 0 0) 

Liquidity t −1 −0.138 −1.593 −0.601 0.106 ∗ 0.033 −0.017 0.027 −0.040 −0.064 

(0.940) (0.581) (0.833) (0.051) (0.624) (0.788) (0.517) (0.517) (0.143) 

Leverage t −1 0.485 0.916 −0.0715 −0.023 −0.088 ∗ −0.023 0.014 −0.053 0.026 

(0.540) (0.528) (0.961) (0.266) (0.081) (0.487) (0.369) (0.358) (0.191) 

CAPEX t −1 −1.072 ∗∗ 0.190 0.578 −0.005 0.009 0.023 0.003 0.031 0.021 

(0.029) (0.813) (0.476) (0.732) (0.691) (0.490) (0.852) (0.137) (0.294) 

R&D t −1 0.244 −0.122 0.140 0.023 0.058 ∗∗∗ 0.055 ∗ −0.058 ∗∗∗ −0.037 ∗ −0.028 

(0.598) (0.807) (0.788) (0.218) (0.001) (0.067) (0.001) (0.055) (0.320) 

Advertising t −1 9.830 ∗ 21.79 ∗ 19.95 0.465 ∗ 0.623 ∗∗ 0.831 ∗∗∗ 0.220 ∗∗ 0.349 ∗∗∗ 0.363 ∗∗∗

(0.096) (0.088) (0.109) (0.062) (0.023) (0.004) (0.021) (0.0 0 0) (0.0 0 0) 

OP t-1 −1.132 0.718 1.632 0.598 ∗∗∗ 0.651 ∗∗∗ 0.527 ∗∗∗ 0.506 ∗∗∗ 0.520 ∗∗∗ 0.402 ∗∗∗

(0.430) (0.749) (0.483) (0.0 0 0) (0.0 0 0) (0.0 0 0) (0.0 0 0) (0.0 0 0) (0.0 0 0) 

Tobin’s Q t −1 −0.255 −0.198 −0.115 0.025 ∗∗∗ 0.020 ∗∗∗ 0.021 ∗∗∗ 0.004 0.001 0.004 

(0.115) (0.447) (0.634) (0.0 0 0) (0.004) (0.0 0 0) (0.369) (0.847) (0.274) 

Diversification 0.027 −0.116 −0.116 0.007 ∗∗ 0.006 0.008 ∗∗ 0.001 −0.001 0.001 

(0.574) (0.213) (0.190) (0.010) (0.101) (0.015) (0.321) (0.565) (0.348) 

BCF 0.029 −0.104 −0.0565 0.002 0.002 0.006 −0.001 −0.001 −0.0 0 0 

(0.708) (0.530) (0.731) (0.527) (0.499) (0.128) (0.294) (0.692) (0.949) 

Ln Inter Exp (3-Year) 0.457 ∗∗∗ 0.558 ∗∗∗ 0.364 ∗∗ −0.002 0.0 0 0 −0.002 −0.001 0.001 0.0 0 0 

(0.0 0 0) (0.0 0 0) (0.017) (0.358) (0.905) (0.456) (0.574) (0.250) (0.783) 

Familiar buyer 0.364 0.254 

(0.327) (0.485) 

% Cash payment −0.00242 −0.0 0 0980 

(0.642) (0.849) 

Relative deal size 2.582 ∗∗∗

(0.0 0 0) 

Observations 5982 1956 1955 4650 4204 3795 4650 4204 3795 

Adj. R 2 0.031 0.046 0.080 0.259 0.197 0.192 0.481 0.229 0.359 
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returns can be viewed as a proxy for premiums received ( John

and Ofek, 1995; Schwert, 1996; Aktas et al., 2011 ). Higher premi-

ums imply an increase in the market value of the seller’s equity,

and therefore a positive abnormal return around the announce-

ment date. Clubb and Stouraitis (2002) also show that sellers’ CARs

are positively correlated with profit on a sale, even after control-

ling for sell-off motivation, use of sale proceeds, and the presence

of agency costs. 

The coefficients on the control variables also suggest that larger

divestors earn significantly lower CARs. This could suggest that

larger firms are worse governed. Alternatively (as we will see be-

low), it could alternatively be because the market already expects

firms to divest assets, so there is less of a positive surprise when

they announce divestitures. We also find that more experienced

advisors are associated with higher CARs, which reveals the ben-

eficial role of high-quality advisors in the context of divestitures.

Prior acquisition experience is not a significant determinant of an-

nouncement returns, indicating that it is divestiture experience

that matters more to the market when valuing the gains to divesti-

tures. 

4.3.2. Operating performance based measures 

The next issue is whether experienced divestors also gener-

ate stronger future operating performance. We perform regres-

sions where the dependent variable is the firm’s industry-adjusted

operating performance. The results are reported in Columns 4–9
f Table 4 . To avoid double de-meaning the dependent variables,

odels 4–6 use industry-adjusted operating performance without

ndustry dummies, and models 7–9 use unadjusted operating per-

ormance with industry dummies. De-meaning the dependent vari-

ble (ROA) by industry averages each year is necessary because it

llows us to determine how experienced divestors perform com-

ared with their relevant industry benchmark over the same pe-

iod; a similar rationale to the use of abnormal returns in event

tudies. 

The coefficients on the experience-variables are positive for all

nd significant for most measures of operating performance up to

 years after a divestiture. This confirms that experienced divestors

enerate stronger operating performance post-divestiture. Further-

ore, it suggests that the positive market reaction does not merely

eflect the market’s “belief” that a weak firm is selling assets in or-

er to recapitalize itself. This provides support for prediction 3b.

t is also worth noting that acquisition experience has no signif-

cant relationship with future operating performance. This again

uggests that it is divestiture experience that matters more in de-

ivering real performance improvements. This is consistent with

he hypothesis that divestiture experience brings additional strate-

ic skills that are important in securing future firm capabilities to

emain competitive and profitable. 

The impact of divestor size is interesting. The market reacts

ess positively to large divestors’ divestitures. The average divesti-

ure CAR is 0.833 (see Table 2 ). A one standard deviation increase
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Table 5 

Logit regressions of the likelihood of future acquisitions (coefficients are reported as odds ratios) 

Columns 1, 2, 3 and 4 model the likelihood of a divestor to acquire within 1, 2, 3 and 4 years after a di- 

vestiture, respectively. All regressions are logit models, with coefficients reported as odds ratios. All models 

include year and 2-digit SIC Industry fixed effects. Ln Divest Exp (3-Year) is the natural log of one plus the 

number of divestitures experienced by a firm over the last 3 years before the divestiture. Standard errors are 

adjusted for both heteroskedasticity ( White, 1980 ) and divesting firm clustering. P -values are in parentheses. 

Superscripts ∗∗∗ , ∗∗ and ∗ denotes significance at 1%, 5% and 10%, respectively. 

Dependent variable: Acquisition t , t + 1 Acquisition t , t + 2 Acquisition t , t + 3 Acquisition t , t + 4 
(1) (2) (3) (4) 

Ln Divest Exp (3-Year) 1.155 ∗∗ 1.227 ∗∗∗ 1.149 1.154 ∗

(0.045) (0.007) (0.102) (0.095) 

Ln Acq Exp (3-Year) 1.700 ∗∗∗ 1.625 ∗∗∗ 1.715 ∗∗∗ 1.686 ∗∗∗

(0.0 0 0) (0.0 0 0) (0.0 0 0) (0.0 0 0) 

Ln(Firm Size) t −1 1.386 ∗∗∗ 1.433 ∗∗∗ 1.481 ∗∗∗ 1.503 ∗∗∗

(0.0 0 0) (0.0 0 0) (0.0 0 0) (0.0 0 0) 

Liquidity t −1 0.847 1.016 1.186 0.618 

(0.820) (0.980) (0.780) (0.436) 

Leverage t −1 0.972 0.919 0.797 0.734 

(0.930) (0.784) (0.472) (0.341) 

CAPEX t −1 1.069 1.150 0.917 0.829 

(0.812) (0.563) (0.722) (0.468) 

R&D t −1 1.170 1.066 1.075 1.080 

(0.511) (0.755) (0.706) (0.665) 

Advertising t −1 0.032 ∗ 0.007 ∗∗ 0.052 0.013 ∗

(0.096) (0.021) (0.170) (0.069) 

OP t −1 10.086 ∗∗∗ 7.703 ∗∗∗ 7.035 ∗∗∗ 7.021 ∗∗∗

(0.001) (0.0 0 0) (0.0 0 0) (0.0 0 0) 

Tobin’s Q t −1 1.060 1.072 1.122 ∗∗ 1.169 ∗∗∗

(0.331) (0.218) (0.030) (0.004) 

Diversification 1.062 ∗ 1.082 ∗∗ 1.071 ∗∗ 1.072 ∗

(0.062) (0.012) (0.049) (0.064) 

BCF 0.842 ∗∗∗ 0.870 ∗∗∗ 0.890 ∗∗ 0.894 ∗∗

(0.0 0 0) (0.002) (0.017) (0.033) 

Ln Inter Exp (3-Year) 0.934 ∗ 0.957 0.967 0.946 

(0.060) (0.204) (0.329) (0.123) 

Observations 5957 5815 5641 5454 

Pseudo R 2 0.231 0.239 0.250 0.256 
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n divestor size reduces CARs by between 0.3 and 0.5 percentage

oints (from Columns 1–3 of Table 4 ). 19 However, holding all else

qual, CARs can remain positive except for the largest divestors.

onversely, large divestors’ divestitures yield greater operating per-

ormance gains (viz the positive coefficient on size in Columns 7–

). Together, these results suggest that while large firms gain from

ivestitures (in terms of operating performance), the market might

lready anticipate these firms’ need to divest assets, leading to less

f a surprise on divestiture announcement and a less positive di-

estiture “CAR”. 20 

.4. Are experienced divestors more likely to spend the proceeds on 

cquisitions? 

Table 5 reports logit regressions of the likelihood of conduct-

ng acquisitions within t ∈ {1, 2, 3, 4} years after a divestiture. The

dds ratios of divestiture experience are all greater than one and

ignificant. For example, a one unit increase in three-year divesti-

ure experience would make a divestor 17% more likely to acquire

ithin one year following the divestiture. This emphasizes the in-

ention of experienced divestors to reinvest the proceeds from the
19 We calculate this by multiplying the relevant coefficient on firm size with the 

tandard deviation of the firm size variable. 
20 Admittedly, these tests could be subject to endogeneity in the form of reverse 

ausality, which may exist for both good firms and bad firms. While good firms may 

imply apply their past successful divesting strategies on the next divestiture, bad 

rms may divest in order to generate cash to avoid distress or bankruptcy. We thus 

plit the sample into quartiles based on pre-divestiture operating performance, cash 

nd size, respectively, and re-estimate the baseline regressions. The results are gen- 

rally consistent with those tabulated, and so mitigate the issue of reverse causality 

riving the results. 
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ale on external expansion, and mitigates concerns that experi-

nced divestors are financially-distressed firms that repetitively di-

est to avoid bankruptcy. Together with the findings of more pos-

tive stock market reactions (see Table 5 ), this result is also con-

istent with Kaiser and Stouraitis (2001a) ’s finding that the market

eacts more positively to divestitures where sale proceeds are to

e reinvested for expansion via acquisitions. Not surprisingly, the

dds ratios for acquisition experience are also greater than one and

ignificant, suggesting that firms with more acquisition experience

re more likely to acquire in the future. 

The control variables are also interesting. The results in

able 5 are odds ratios. The BCF odds ratio is below one, which

ndicates that entrenched firms (in our sample) are less likely to

ake acquisitions after doing divestitures. Post-divestiture acquisi-

ions create value, on average. This suggests that entrenched firms

re less likely to make these value-creating acquisitions. This is

onsistent with the quiet life theory in Bertrand and Mullainathan

2003), under which entrenched managers might shirk and pass up

alue-creating investments. 21 
21 We also examine whether these acquisitions create value for shareholders by 

stimating regressions of average CARs of future acquisitions as proxies on divesti- 

ure experience and control variables. Interestingly, the coefficients of divestiture 

xperience are statistically insignificant in the full sample of divestitures including 

pinoffs. In the subsample where we exclude spinoffs, we find the coefficients of di- 

estiture experience to be positive and significant at the 10% level. Considering the 

act that spinoffs lead to the listing of existing shareholders with no proceeds to 

he parent, subsequent acquisitions following spinoffs are unlikely to be financed 

y proceeds from these spinoffs. Taken together, these results suggest that future 

cquisitions are more likely to be value-adding if they are funded by proceeds from 

ivestitures. 
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Table 6 

CEO divestiture experience 

Models in this table follow the same regression specifications as Tables 3–7 , but examine the role of CEO’s divestiture experience in the past. Coefficients are reported 

as odds ratios for logit regressions. Standard errors are adjusted for both heteroskedasticity ( White, 1980 ) and divesting firm clustering. P -values are in parentheses. 

Superscripts ∗∗∗ , ∗∗ and ∗ denotes significance at 1%, 5% and 10%, respectively. 

Panel A: Choice of divested units 

Non-core unit Distant unit Underperform unit 

Ln CEO Divest Exp (1-Year) 1.375 ∗∗∗ 1.074 7.103 

(0.0 0 0) (0.374) (0.149) 

Ln CEO Divest Exp (2-Year) 1.264 ∗∗∗ 1.066 1.856 

(0.004) (0.370) (0.348) 

Ln CEO Divest Exp (3-Year) 1.237 ∗∗∗ 1.054 4.920 ∗∗

(0.004) (0.432) (0.013) 

Controls Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Year FE Yes Yes Yes Yes Yes Yes Yes Yes Yes 

2-digit SIC Industry FE Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Observations 3850 3850 3761 3885 3885 3796 134 134 134 

Pseudo R 2 0.107 0.106 0.106 0.0524 0.0543 0.0527 0.437 0.395 0.434 

Panel B: Market timing Panel C: CAR and future operating performance 

In merger wave CAR Adj OP t + 1 Adj OP t + 2 Adj OP t + 3 

Ln CEO Divest Exp (1-Year) 1.469 ∗∗∗ −0.092 0.019 ∗∗∗ 0.015 ∗∗∗ 0.009 

(0.001) (0.551) (0.001) (0.005) (0.137) 

Ln CEO Divest Exp (2-Year) 1.523 ∗∗∗ −0.102 0.014 ∗∗∗ 0.012 ∗∗ 0.010 

(0.0 0 0) (0.394) (0.006) (0.016) (0.105) 

Ln CEO Divest Exp (3-Year) 1.527 ∗∗∗ −0.025 0.014 ∗∗ 0.013 ∗∗ 0.011 

(0.0 0 0) (0.848) (0.013) (0.026) (0.103) 

Controls Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Year FE No No No Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

2-digit SIC Industry FE No No No Yes Yes Yes No No No No No No No No No 

Observations 3889 3889 3800 3854 3854 3765 3237 3237 3149 2953 2953 2870 2674 2674 2592 

Pseudo R 2 0.0438 0.0473 0.0482 

Adj. R 2 0.042 0.042 0.041 0.260 0.261 0.255 0.321 0.323 0.320 0.300 0.302 0.295 

Panel D: Likelihood of the future acquisition 

Acquisition , t + 1 Acquisition , t + 2 Acquisition , t + 3 Acquisition , t + 4 

Ln CEO Divest Exp (1-Year) 1.455 ∗∗∗ 1.445 ∗∗∗ 1.323 ∗∗ 1.212 

(0.001) (0.002) (0.033) (0.125) 

Ln CEO Divest Exp (2-Year) 1.440 ∗∗∗ 1.466 ∗∗∗ 1.351 ∗∗∗ 1.334 ∗∗∗

(0.0 0 0) (0.0 0 0) (0.008) (0.010) 

Ln CEO Divest Exp (3-Year) 1.331 ∗∗∗ 1.365 ∗∗∗ 1.309 ∗∗ 1.306 ∗∗

(0.002) (0.001) (0.012) (0.014) 

Controls Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Year FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

2-digit SIC Industry FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Observations 3718 3718 3629 3605 3605 3516 3475 3475 3386 3342 3342 3253 

Pseudo R 2 0.229 0.232 0.228 0.232 0.239 0.232 0.234 0.240 0.235 0.240 0.247 0.242 
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4.5. CEO and board experience 

So far, we have focused on firm-level experience. Firm experi-

ence is likely to reflect experience amassed by the firm’s personnel,

especially key senior management, such as the CEO. So in Table 7 ,

we also examine CEO experience. We use Execucomp to identify

CEOs, and as a result, the sample is limited to S&P1500 firms and

for fiscal years from 1992 only. The number of observations drops

significantly from 5992 to 3793. 

The results in Table 6 confirm that CEOs’ prior divestiture ex-

perience plays an important role in some divestiture outcomes,

but not all. Specifically, the coefficients of CEO experience in re-

gressions of divesting non-core units (panel A), is significant, but

not distant units and underperforming units, nor the market reac-

tions to the divestiture in question (panel C), and average market

reactions to future acquisitions (panel E). CEO experience is im-

portant in driving better future operating performance (panel C),

the timing (panel B) and in initiating future takeovers (panel D).

Taken together, the results suggest that experience accumulated at

the firm level is more important in driving better divestiture out-

comes relative to the individual CEO. This is confirmed in Table 7 ,

which includes both firm and CEO experience in the regressions.
he fact that firm-level experience generally has more explanatory

ower than CEO experience when they are in the same regressions

lso implies that divestiture experience can embed itself into cor-

orate culture, which can then impact future divestiture decisions

nd outcomes. 

We also examine board measures of experience (these results

re tabulated as Tables S7 and S8 in the Supplementary Appendix

o conserve space in this paper). We construct two measures of

oard divestiture experience (and their analogs for acquisitions).

irst, we construct two board-level divestiture experience mea-

ures - the natural log of one plus the number of divestitures

xperienced by all directors on the board of a divestor over the

ast three years before a divestiture. Second, we use the natural

og of one plus the number of directors with divestiture experi-

nce over the last three years before a divestiture. Data of board

f directors are from IRRC/Risk Metrics. The results are much like

he results for CEO experience. Directors’ experience is important

or some divestiture outcomes. These include the decision to di-

est distant units, divestiture CARs, and divestiture operating per-

ormance. This suggests that directors’ experience is important,

ut less directly instrumental than is the firm-level accumulated

xperience. 
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Table 7 

Controlling for CEO divestiture experience 

Coefficients are reported as odds ratios for logit regressions. Standard errors are adjusted for both heteroskedasticity ( White, 1980 ) and divesting firm clustering. 

P -values are in parentheses. Superscripts ∗∗∗ , ∗∗ and ∗ denotes significance at 1%, 5% and 10%, respectively. 

Panel A: Choice of divested units Panel B: Market timing Panel C: CAR and future operating performance 

Non-core unit Distant unit Underperform unit In merger wave CAR Adj OP t + 1 Adj OP t + 2 Adj OP t + 3 

Ln Divest Exp (3-Year) 1.186 1.245 ∗∗ 4.880 0.899 0.367 0.008 0.017 ∗∗ 0.022 ∗∗

(0.152) (0.038) (0.204) (0.543) (0.152) (0.331) (0.046) (0.019) 

Ln Acquire Exp (3-Year) 0.998 1.252 ∗∗∗ 0.321 1.211 ∗ −0.159 0.010 0.009 0.009 

(0.973) (0.001) (0.501) (0.055) (0.270) (0.105) (0.103) (0.149) 

Ln CEO Divest Exp (3-Year) 1.067 0.870 1.255 1.682 ∗∗∗ −0.333 0.006 −0.002 −0.010 

(0.603) (0.206) (0.800) (0.004) (0.236) (0.455) (0.790) (0.296) 

Controls Yes Yes Yes Yes Yes Yes Yes Yes 

Year FE Yes Yes Yes No Yes Yes Yes Yes 

2-digit SIC Industry FE Yes Yes Yes No Yes No No No 

Observations 3733 3769 133 3772 3740 3129 2851 2573 

Pseudo R 2 0.109 0.0525 0.462 0.0467 

Adj. R 2 0.041 0.256 0.320 0.310 

Panel D: Logit regressions of the likelihood of future acquisition 

Acquisition , t + 1 Acquisition , t + 2 Acquisition , t + 3 Acquisition , t + 4 

Ln Divest Exp (3-Year) 1.046 1.343 1.370 ∗ 1.372 

(0.778) (0.123) (0.097) (0.107) 

Ln Acquire Exp (3-Year) 1.682 ∗∗∗ 1.548 ∗∗∗ 1.633 ∗∗∗ 1.731 ∗∗∗

(0.0 0 0) (0.0 0 0) (0.0 0 0) (0.0 0 0) 

Ln CEO Divest Exp (3-Year) 1.283 1.061 1.001 0.998 

(0.173) (0.777) (0.996) (0.994) 

Controls Yes Yes Yes Yes 

Year FE Yes Yes Yes Yes 

2-digit SIC Industry FE Yes Yes Yes Yes 

Observations 3608 3495 3363 3230 

Pseudo R 2 0.227 0.232 0.236 0.243 
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. Robustness 

Due to the large number of robustness tests, for brevity reasons,

e only report the results rather than tabulate them. The key ro-

ustness tests are tabulated in a Supplementary Appendix. All tests

e mention in this paper are also available upon request. 

.1. Alternative reasons for serial divestitures 

.1.1. Fire sales 

The results reported provide strong support for our hypothesis

hat firm-level divestiture experience is beneficial. To this extent,

ur alternative hypothesis that abundant experience of a firm in

onducting divestitures reflects its poor financial health. To fully

xplore this possibility, we test whether experienced divestors are

ess likely to be financially distressed during the year of and after

 divestiture. Following the literature on bankruptcy and corporate

estructuring ( Altman, 1968; Ohlson, 1980; Fitzpatrick and Ogden,

011; Powell and Yawson, 2012 ), we estimate distress prediction

odels using a sample of distressed firms and a control sample of

ealthy firms from the period prior to the prediction year. We roll

orward the prediction models each year to ensure distress prob-

bilities are computed based on the most recent financial data. A

utoff of 0.5 is imposed to partition divestors into distressed and

ealthy groups. Details on data sources and procedures are pro-

ided in Appendix B. These results are tabulated in Columns 1–3

f Table S1 of the Supplementary Appendix, where the odds ra-

ios of firm divestitures experience are all less than one and sta-

istically significant at the 1–5% levels. We also employ a second

pproach that uses negative net income as the dependent variable

see Columns 4–6 of Table S1). While the first measure focuses on

xtreme financial difficulty (such as bankruptcy, delisting, and rat-

ngs downgrade), negative net income can be temporary. Table S1

olumns 4–6 report these results. The odds ratios of firm divesti-

ure experience are greater than one in all three regressions, but
nly statistically significant at the 10% level in the regression of

egative net income in year t + 1 . 

Taken together, our results suggest that experienced divesting

rms are less likely to be in serious financial distress but may

ave temporary financial difficulty. Overall, experienced divestors

re significantly less likely to be financially constrained before

hey divest (see Table S1 of the Supplementary Appendix). Further,

xperienced divestors are generally significantly less likely to

e distressed after a divestiture, although negative earnings is

ignificant for year 1, but not year 2 after divestiture. Thus, the

xperiential benefits of divestiture experience are not merely an

rtifact of severely distressed firms engaging in multiple divesti-

ures. The lower likelihood of severe financial distress in the future

s consistent with the positive CARs and superior future operating

erformance results. 

.1.2. Splitting transactions 

Firms may deliberately span divestment over time rather than

ll-at-once so that the aggregate adjustment costs (assumed to be

onvex) of restructuring are lower ( Abel and Eberly, 1994; Dixit,

994 ). If more experienced divestors plan divestitures to minimise

ggregate adjustment costs this may help explain our findings.

owever, we find that experienced divestitures tend to have larger

ransactions values (measured as the value of transaction from

DC scaled by the divestor’s total assets from Compustat) than ad-

oc ones, which is inconsistent with the minimising transactions

osts motive. Thus, experienced divestitures do not simply split

ne large transaction into multiple transactions to avoid saturating

he market. 

.1.3. Significant restructuring (and asset churning) 

It is possible that the findings just capture situations where the

ompany engages in significant restructuring, rather than divesti-

ure ‘experience’ per se. We address by removing from the sam-

le all divestors that have done more than one divestiture each
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23 We have also experimented with firm fixed effects. However, the coefficient of 

firm divestiture experience is only statistically significant (at the 5–10% levels) in 

regressions of divesting in merger waves, and future operating performance. Most 

regressions are statistically insignificant especially for longer-term experience (i.e., 

Ln Divest Exp (3-Year) in comparison with Ln Divest Exp (1-Year) ). One possible rea- 

son is that the number of past divestitures (i.e., divestiture experience) is accumu- 

lated over multiple years, and in aggregate a divesting firm’s level of experience 
year for the past three years to make sure that the divestitures are

reasonably distantly spaced (in Table S4 of the Supplementary Ap-

pendix). The results are qualitatively the same. 

5.1.4. Correction of past acquisition mistakes 

We ensure that experienced divestors are not merely correct-

ing past acquisition mistakes. We tracked down formerly acquired

units to see if they are divested. We find that among the 6216 di-

vestitures, only 99 are divestitures of previously acquired units. We

define Acquired Before to be an indicator of one if the divested unit

was previously acquired and zero otherwise. We then regress this

on divestiture experience, firm controls (lagged firm size, leverage,

CAPEX, R&D, advertising, operating performance, Tobin’s Q, level

of diversification and BCF index) and industry and year fixed ef-

fects. The results are tabulated in Table S2 of the Supplementary

Appendix. The coefficients of divestiture experience are insignifi-

cant, suggesting our findings are unlikely to be driven by past ac-

quisitions. 

5.1.5. Connections with advisors 

Wider and tighter connections might give the divestor better

access to skilled lead- advisors /co- advisors , and thereby help deliver

better divestitures outcomes. We ensure that the experience ef-

fects are not merely reflecting superior connections with advisors

(i.e., investment banks and law firms). We create connections vari-

ables as the count of each type of distinct (i.e., the number of dif-

ferent intermediaries) and repetitive (i.e., the number of contacts

with the same advisor) advisors used by a divestor over the last

3 years before a divestiture. We then re-estimate all regressions

by replacing the experience variables with the connections vari-

ables. The connections coefficients are insignificant. The only ex-

ception is the choice of non-core units regressions, in which coef-

ficients of connections tend to remain positive and significant. So

we conclude that divestors better connected with advisors tend to

sell non-core units, but the reported deal characteristics and their

learning through divestiture experience and their strategic nature

primarily drives outcomes. 

5.2. Endogeneity concerns 

Systemic differences between experienced and ad-hoc di-

vestors : Experienced divestors can be systemically different from

ad-hoc divestors. However, the regressions implicitly assume the

two groups have the same general trend in divestiture quality and

other deal-related variables. 

We employ two methods to mitigate this concern. The first at-

tempts to itemize the channels through which experience affects

divestitures outcomes. We examine firm-level experience by mea-

suring non-CEO turnover as a proxy for institutional memory. That

is, firm-level experience should be greater when non-CEO turnover

is lower, indicating higher institutional memory. Table S3 (panels

A–D) report subsample tests and compares the results when insti-

tutional memory is high or low. We report stronger results when

average director tenure exceeds 4 years, and when the number of

director departures within the last 3 years does not exceed 2. The

results also hold when we include CEO experience as an indepen-

dent variable (see Table 7 ). 22 

Second, firm-level institutional experience may also matter be-

cause of firm-specific characteristics, which make experience accu-

mulated within the firm to matter more than experience of indi-

viduals (which can be accumulated elsewhere). Table 7 supports
22 There are insufficient observations for regression analysis in any of the four sub- 

samples (i.e., average director tenure exceeds 4 years, average director tenure does 

not exceed 4 years, the number of director departures within the last 3 years does 

not exceed two, and the number of director departures within the last 3 years ex- 

ceeds two). 

m

b

e

s

t

s

his. It shows that firm divestiture experience remains significant

both statistically and economically) after controlling for CEO di-

estiture experience. CEO divestiture experience does not entail

uch explanatory power, suggesting that it is mainly firm experi-

nce that matters. To enhance our understanding, we also explore

he impact of the CEO’s experience in the prior company on the

ew company’s divestitures. We find the coefficient of CEO expe-

ience at the prior firm to be statistically insignificant in general

see Table S3, panel E), while the coefficient of firm divestiture ex-

erience remains statistically and economically significant in most

egressions. Examining CEO experience at other firms also helps

o better disentangle the effects of firm experience and CEO ex-

erience, as the two measures do not have overlapping measure-

ent windows (i.e., divestitures of the firm-in-questions are only

ounted by the measure of firm experience). 23 

Simultaneity : The control variables and some of the

ependent variables can be simultaneously determined.

asulis et al. (2007) recognizes potential candidates, such as

obin’s Q, leverage and free cash flow being endogenous with

erformance measures. The regressions include other control vari-

bles that are also prone to this form of endogeneity: Acquisition

xperience, firm size, liquidity, capital expenditure, R&D, adver-

ising expenses, diversification, the BCF index, and experience of

dvisors. The divestiture experience coefficients could be biased

ue to these variables. Thus, we follow Gillan et al. (2003) and

asulis et al. (2007) to address this issue by replacing firm-level

ontrol variables with their industry-median counterparts. This

rocedure also reduces the number of observations with missing

alues for control variables, and thereby increasing the sample

ize. The results are robust. Thus, simultaneity does not bias the

esults. 

.3. Sample selection issues 

Opportunity to divest : experienced divestors are likely to be

onglomerates with many subsidiaries and divisions, so the results

ould merely reflect a sub-sample effect of firms with a greater

pportunity to divest. By the same token, experienced divestors

ay divest particular units not by intentional selection but due

o the large number of those units. However, this should not be

 severe issue because we have controlled for past acquisitions

nd the level of diversification. To address the problem more ex-

licitly, we further control for the opportunity to divest, measured

s the number of segments of each divestor. When divestors from

he sample (consisting of matches from SDC, Compustat and CRSP)

annot be matched with the segments from Compustat Segment

ile, we recode the number of segments to be one. Because Com-

ustat Segment Files include all segments that constitute more

han 10% of consolidated profits, sales or assets, those that are un-

eported are likely to be negligible and thereby validating the re-

oding procedure. 24 The results are qualitatively the same. 

We also perform sub-sample analysis on firms with similar

umbers of specific types of units. We re-estimate non-core unit
ay not change too much from year to year. Thus, the impacts of experience may 

e partially absorbed by the firm fixed effect. Another observation is that firm fixed 

ffects may ar guably capture firm-specific time-invariant culture of firms. This may 

uggest it is the time-varying component of culture that is cultivated and developed 

hrough divestitures that makes firm divestiture experience valuable. 
24 Results would be qualitatively the same if we do not recode the number of 

egments. 
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o  
egressions using firms with the number of non-core units above

he median, and similarly for the underperforming unit regres-

ions. We report these models in Table S5 of the Supplementary

ppendix. The results again remain qualitatively similar. 25 

Corporate governance : The most relevant dimension of corpo-

ate governance for restructuring decisions is the level of man-

gerial entrenchment, so the main results include anti-takeover

rovisions (i.e., BCF) as a control in regressions. However, there

re alternative dimensions of corporate governance. For example,

igh product market competition and/or ownership concentration

ight compensate the negative governance effects caused by anti-

akeover provisions. We thus include HHI and institutional owner-

hip (together with BCF) as additional controls to the regressions.

he results are qualitatively unchanged. 

We also consider board independence, duality and dual class

hares as additional controls for corporate governance (together

ith BCF, HHI and institutional ownership). Requirement of these

ariables reduces the regression sample size by more than half and

enders some regression not interpretable (e.g., the regressions of

nderperforming units would have 89 observations only). However,

he results (in Table S7 of the Supplementary Appendix) survive

hrough regressions with decent sample sizes (e.g., regressions of

arket timing, operating performance and future acquisitions). 

Time periods : The financial crisis might distort divestiture

haracteristics and performance ( Shleifer and Vishny, 1992; Ang

nd Mauck, 2011; Rudolph and Schwetzler ), Forthcoming. To re-

ieve the concern more explicitly (apart from controlling for year-

xed effects), we omit crisis years of 2008 onwards. The results

emain mostly qualitatively unchanged and are even stronger for

ome regressions. This is to be expected because of the disciplinary

oles of economic downturns on the investment behavior of firms. 

Accuracy of divestiture records : To avoid potential errors in

ivestiture records on SDC, we require that firms with divestiture

ecords on SDC also experience a reduction in number of segments

imultaneously according to the Compustat Segment File. The sub-

ample of confirmed data includes 1270 divestitures by 677 firms

n 899 firm-years. Although the sample size is limited, the findings

re qualitatively similar. So the results are not biased by possible

rrors in SDC divestiture records. 

.4. Large loss and large gain deals 

We ensure that the results are robust to the presence of ‘large

oss’ and ‘large gain’ deals. Large loss deals can account for a sig-

ificant portion of value-destruction in acquisitions ( Moeller et al.,

005 ); and large gain deals a significant portion of value-creation

 Fich et al., 2012 ). We address the presence of such large-loss or

arge-gain deals in several ways. The CARs results are robust to

sing a “robust regression” or a “quantile regression” (regression

hrough the median), both of which are less sensitive to outliers in

he dependent variable (i.e. large-loss or large-gain deals). The re-

ults are also robust to omitting deals that have CARs in the top or

ottom 1%, 2%, or 5% of the sample. This highlights that the results

o not merely reflect the returns earned from a small number of

ighly value-creating or value-destroying deals. 

.5. Decomposition of divestiture experience 

To enhance our understanding about the role of divestiture ex-

erience, we further decompose the divestiture experience variable

nto experience of divesting unrelated units and experience of di-

esting related units. This is premised on the idea that divestors
25 Compustat Segment Files do not provide the geographic location of each seg- 

ent. So we cannot account for the number of distant units in the distant unit 

egressions. 

(  

e  

f  

r

ight gain different types of experience from different types of di-

estitures. 

The results indicate that experience from divesting unrelated

nits (hereafter, “unrelated-unit experience”) has the greater

mpact on future divestitures. The results are tabulated in Table S9

f the Online Appendix. Unrelated-unit experience is significantly

nd positively associated with various divestiture characteristics,

ncluding divesting non-core units, underperforming units, and

istant units, as well as divesting during merger waves. Unrelated-

nit experience is also positively associated with divestiture CAR

nd the likelihood of future acquisitions. By contrast, experience

ivesting related units (hereafter “related-unit experience”) has

elatively less impact. It is only statistically significantly related

o divesting non-core units and divestiture CAR . Its correlation

ith divesting unrelated units is negative (i.e., the odds ratio is

ess than one). One explanation for this result is that experience

s more applicable when it is more relevant. Hence, experience

f divesting related units is more likely to be valuable when a

rm is divesting related units. Related-unit experience is also

ositively associated with CAR , albeit to a lesser degree than is

nrelated-unit experience. 

. Conclusion 

This paper analyzes performance of experienced divestors. We

how that firm-level divestiture experience is an important driver

in comparison to CEO and board divestiture experience, and other

estructuring experience) of divestiture performance. We show that

his is largely due to the decision over which units to divest and

hen to divest them. 

We show that experienced divestors tend to refocus opera-

ionally and geographically on more important divisions by divest-

ng non-core, geographically distant and underperforming units.

hey are also more likely to time the market by divesting during

 merger wave. Consistent with the literature that links these di-

estiture attributes with better divestiture performance, we next

nd that experienced divestors receive more positive market re-

ctions around divestiture announcements and generate consis-

ently stronger future operating performance. Further, experienced

ivestors are more likely to reinvest sale proceeds in future ac-

uisitions. Importantly, we show that divestiture experience at the

rm level dominates other measures of experience, including di-

estiture experience of CEOs or boards. It is also more impor-

ant than experience accumulated in acquisitions suggesting that

estructuring-specific experience is what matters most in deliver-

ng better outcomes. We confirm that financially distressed firms

o not drive the results. We also take steps to mitigate concerns

f several alternative explanations for our results, including large-

oss large-gain deals, endogeneity, sample selection and alternative

xperience measures. 

These findings provide several important contributions to the

xisting literature. First, the paper provides evidence on the nature

f experienced divestors. Whereas recent high-profile frequent di-

estors create the impression that frequent divestors are financial

istressed, we show that this is not the case. Many divestors have

rior divestiture experience. Experienced divestors do not appear

o be more financial distressed on average, and experienced di-

estors tend to benefit from the experience that they have accu-

ulated. 

Second, we show that the benefits of experience mostly mani-

est themselves in the decisions over which units to divest (i.e. ge-

graphically distant and non-core units) and when to divest them

i.e. during a merger wave). We also provide some evidence that

xperienced divestors are more likely to re-invest that money in

uture takeovers. Last, we complement research on experience in

estructuring, which has mainly focused on serial acquirers. 
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Appendix A 
Table A1 

Variable definitions. 

Variable Definition 

Deal-related variables 

Non-core unit An indicator that equals one if none of the 4-digit SIC cod

divesting firm. These data are from SDC. 

Distant unit An indicator that equals one if the divested unit’s and the

SDC. 

Underperform unit An indicator that equals one if the divested unit’s operatin

Operating performance is calculated as operating incom

the Compustat Segment File, where we identify the dive

and SDC records a divestiture of the same firm in the n

In merger wave An indicator that equals one if the divestiture occurs in an

industry experiencing a merger wave when the divestitu

CAR 3-day cumulative abnormal returns (%), calculated using t

days ( −222, −11) using an OLS model. Values are winsor

Adj OP t + 1, t + 2, or t + 3 Operating income before depreciation (item13) on total as

averages of divestors from the same 2-digit SIC industry

Acquisition ( t , t + 1), ( t , 

t + 2), ( t , t + 3), or ( t , t + 4) 

An indicator that equals one if the divestor acquires (i.e., 

completed acquisition) within 1, 2, 3, or 4 years after a 

acquisition announcement is no longer than 365, 730, 1

Distressed t , t + 1, and t + 2, An indicator that equals one if the divestor is estimated to

Distressed probabilities are calculated using a rolling bin

2011; Powell and Yawson, 2012 ). 

Neg NI t , t + 1, and t + 2 An indicator that equals one if the divestor’s net income (

respectively. 

Acquired before An indicator that equals one if the divested unit was prev

Divestiture experience variables 

Ln Divest Exp (3-Year) The natural log of one plus the number of divestitures exp

Ln Board Divest Exp 

(3-Year) 

The natural log of one plus the number of divestitures exp

the divestiture. 

Ln # of Exp Directors 

(3-Year) 

The natural log of one plus the number of directors with 

Control variables 

Ln Acq Exp (3-Year) The natural log of one plus the number of acquisitions ex

Ln Board Acq Exp 

(3-Year) 

The natural log of one plus the number of acquisitions ex

the divestiture. 

Ln # of Acq Exp 

Directors (3-Year) 

The natural log of one plus the number of directors with 

Ln(Firm Size) t-1 Log of total assets (item6) before the divestiture. Values a

Liquidity t −1 Cash (item162) over total assets (item6) before the divesti

Leverage t −1 Total long-term debt (item9) over total assets (item6) befo

CAPEX t −1 Capital expenditures (item128: set missing values to 0 as

Values are winsorized at the 1% and 99% levels. 

R&D t −1 Research and development expense (item46: set missing v

2013 ) over sales/turnover (net) (item12) before the dive

Advertising t −1 Advertising expense (item45: set missing values to 0 as in

Values are winsorized at the 1% and 99% levels. 

OP t −1 Operating income before depreciation (item13) over total 

levels. 

Tobin’s Q t −1 Market value of total assets (book value of total - book va

fiscal year-end) over book value of total assets: (item6- 

winsorized at the 1% and 99% levels. 

Diversification Number of lines of business (based on 2-digit SIC code) o

BCF The Bebchuk et al. (2009) index of six key anti-takeover p

20 02, 20 04, 20 06, 20 07, 20 08, and 20 09), we backfill fr

missing values to be state averages, because the six key

laws. The data are from IRRC/Risk Metrics. 

Ln Inter Exp (3-Year) The natural log of one plus the sum of experience of all in

calculated as the number of divestitures an intermediar

from SDC. 

Familiar buyer An indicator that equals one if the divestor and the buyer

% Cash payment Percentage of cash payment in a divestiture. 
es of the divested unit is the same as the primary 4-digit SIC code of the 

 divesting firm’s headquarters are located indifferent states. These data are from 

g performance is lower than that of the divestor prior to a divestiture. 

e before depreciation (item13) over total assets (item6). Segment data are from 

sted units to be those whose last reporting year is earlier than that of the firm 

ext year. 

industry merger wave. That is, either the seller or the buyer or both are in an 

re is announced. We follow Harford (2005) in identifying merger waves. 

he market model benchmark method. Benchmark parameters are estimated over 

ized at the 1% and 99% levels. 

sets (item6) 1, 2, or 3 years after a divestiture minus industry averages (i.e., 

 in each year). Values are winsorized at the 1% and 99% levels. 

being recorded as the acquirer or the ultimate parent of an acquirer of a 

divestiture (i.e., the time elapsed since the divestiture announcement till the 

095, or 1460 days). 

 be distressed in years t (i.e., the year of divestiture), t + 1 , and t + 3, respectively. 

omial logit model (e.g., Altman, 1968; Ohlson, 1980; Fitzpatrick and Ogden, 

item172) is negative years t (i.e., the year of divestiture), t + 1 , and t + 3 , 

iously acquired. 

erienced by a firm over the last 3 years before the divestiture. 

erienced by all directors on the board of a divestor over the last 3 years before 

divestiture experience over the last 3 years before a divestiture on the board. 

perienced by a firm over the last 3 years before the divestiture. 

perienced by all directors on the board of a divestor over the last 3 years before 

acquisition experience over the last 3 years before a divestiture on the board. 

re winsorized at the 1% and 99% levels. 

ture. Values are winsorized at the 1% and 99% levels. 

re the divestiture. Values are winsorized at the 1% and 99% levels. 

in Masulis et al., 2009 ) over sales/turnover (net) (item12) before the divestiture. 

alues to 0 as in Himmelberg et al., 1999; Masulis et al., 2009; Edmans et al., 

stiture. Values are winsorized at the 1% and 99% levels. 

 Masulis et al., 2009 ) over sales/turnover (net) (item12) before the divestiture. 

assets (item6) before the divestiture. Values are winsorized at the 1% and 99% 

lue of common equity + common shares outstanding × closing share price at 

item60 + item25 × item199)/ item6 before the divestiture. Values are 

f a firm during the divestiture. 

rovisions. For the years with missing data (i.e., 1990, 1993, 1995, 1998, 20 0 0, 

om the most recent prior year (as in Masulis et al., 2007 ). We then set the 

 anti-takeover provisions are enforced and therefore mostly determined by state 

vestment banks and law firms involved in a divestiture, where experience is 

y has been involved in three years before a divestiture. Data on advisors are 

 are from the same 2-digit SIC industry. These data are from SDC. 

( continued on next page ) 
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Table A1 ( continued ) 

Variable Definition 

Relative deal size Value of transaction divided by market capitalization of the divestor at the time of divestiture. Market capitalization is share price times 

number of shares. SDC provides value of transaction in million dollar. CRSP provides share price and number of shares (in thousand), 

which are used to calculate market capitalization. 

Opp to divest The number of segments of each divestor. Segment data are from Compustat Segment File. We set missing values to 1 because segments 

that constitute less than 10% of all consolidated profits, sales and assets are likely to be negligible. 

HHI t −1 The Hirfindahal-Hirshmann Index for the divestor’s 2-digit SIC industry and year before the divestiture. This is based on sales/turnover 

(net) (item12). 

Institutional 

ownership t -1 

Average total institutional ownership (instown) over average end of quarter shares outstanding (shrout ∗10 0 0) during the year before the 

divestiture. Values are winsorized at the 1% and 99% levels. The data are from the Thomson Reuters Institutional (13f) Holdings 

database. 

Independent Board t −1 An indicator that equals one if the proportion of independent directors on the board is at least 0.5 before the divestiture. Data on director 

independence are from the RiskMetrics Directors database. 

Duality t −1 An indicator that equals one if the CEO is also the chairman of a divestor before the divestiture. Data on directors’ positions are from the 

Risk Metrics Directors database. 

Dual class shares t −1 An indicator that equals one if the firm has a dual class share structure before the divestiture. For the years with missing data (i.e., 1991, 

1992, 1994, 1996, 1997, 1999, 20 01, 20 03 and 20 05), we backfill from the most recent prior year (as in Masulis et al., 2007 ). The data 

are from IRRC/Risk Metrics. 

Bankruptcy variables 

Liquidity Cash (item162) over total assets (item6). Values are winsorized at the 1% and 99% levels. 

Debt/Assets Total debts (debt current liabilities + long-term debt) over total assets: (item34 + item9)/item6. Values are winsorize data at the 1% and 

99% levels. 

OCF Operating cash flow over total assets: item308/item6. Values are winsorized at the 1% and 99% levels. 

Growth Annual growth in assets (item6). Values are winsorized at the 1% and 99% levels. 

ROCE Operating income before depreciation (item13) on capital employed (item6-item5). Values are winsorized at the 1% and 99% levels. 

Firm size Log of total assets (item6). Values are winsorized at the 1% and 99% levels. 

Tobin’s Q t −1 Market value of total assets (book value of total - book value of common equity + common shares outstanding × closing share price at 

fiscal year-end) over book value of total assets: (item6- item60 + item25 × item199)/ item6 prior to divestiture. Values are winsorized 

at the 1% and 99% levels. 

Asset turnover Total revenue over total assets (item6). Values are winsorized at the 1% and 99% levels. 

Table A2 

Industry merger waves 

This table denotes the industry, starting date, and reason for each 24-month merger wave in the 20 0 0s. We follow the procedures in Harford (2005) in identifying the 

waves and provide reasons for these based on Factiva searches. For details of the 1990s waves, see Harford (2005) . 

Industry Starting date and reason 

Business 

services 

Jan, 20 0 0 

Prosperity of e-commerce motivates companies to dissect the value chain and outsource more. 

Communication Jan, 20 0 0 

Consolidation of old technology companies and internet companies; reviews and changes in media ownership rules. 

Computers Jan, 20 0 0 

Industry turbulence (e.g., slowdown of sales of PCs) urges structural changes. 

Electrical 

equipment 

Jan, 20 0 0 

A number of HTS-based pieces of electrical equipment at the prototype stage with capable manufacturing entities intimately involved; 

integrated maintenance systems. 

Trading Aug, 2005 

Accelerated capitalization requires emergence of financial supermarkets: e.g., more complex financial dealings, increased open-market 

transactions, and securitization. 

Utilities Jan, 20 0 0 

Deregulation beyond business policy to social policy: e.g., electric power providers up to households in half of the sates, trading of 

emissions permits. 
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ppendix B 

Identification of financially distressed divestor-years : Data on

ctual financial health is sourced from three datasets: 

(i) Mergent FSID where we collect distressed firm-years as

those that defaulted or went bankrupt; 

(ii) CRSP stock header information where we gather distressed

firm-years as those in liquidation or dropped (i.e., delist

code: 400–599). NYSE and NASDAQ have minimum listing

requirements, such as sufficient equity and share price for a

period of consecutive days. The firm can be forced to delist if

these values fall too low. This would be a sign of bankruptcy

even if the firm does not list bankruptcy as the reason for

delisting. 

(iii) Compustat Ratings where we obtain distressed firm-years

as those that are downgraded in terms of S&P quality rat-
ing (i.e., spcsrc), S&P domestic long-term issuer credit rat-

ing (i.e., splticrm) and S&P domestic short-term issuer credit

rating (i.e., spsticrm). 

These records only identify 3–8% of all firms in each year

from Compustat) as distressed. Therefore, we construct financial

ealth indicators following the bankruptcy and corporate restruc-

uring literature ( Altman, 1968; Ohlson, 1980; Fitzpatrick and Og-

en, 2011; Powell and Yawson, 2012 ). The method uses values of

ajor bankruptcy variables in year t-1 to estimate probabilities of

nancial distress in year t . We further required the distressed firms

dentified above to have non-missing values for bankruptcy vari-

bles in year t −1. This leads to a total of 10,200 distressed firms. 

The detailed procedures of calculating distressed probabilities

re as follows. We first randomly select a control group of 10,200

istressed firms by year. This control group together with the
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treatment group of distressed firms makes up the full sample for

the estimation of distress probabilities. 

Using this full sample, we then estimate binomial logit models

on bankruptcy measures (i.e., Liquidity, Debt/Assets, OCF, Growth,

ROCE, Firm Size, Tobin’s Q and Asset Turnover as defined in Ap-

pendix A). The estimation period is 3 years to ensure a reliable

number of observations. We roll forward the estimation model one

year at a time to ensure the regression coefficients reflect the most

recent financial data. That is, to estimate distress coefficients in

year t ( β), we use the distress data in years t −3 to t −1. For each

estimation period, the number of observations ranges from 1578

to 3380. We do not match by both industry and year, because it

reduces the number of observations a range of 84–260 per esti-

mation period (when identifying industries by GICS sector, which

has more non-missing values than SIC industry code) due to data

limitation. However, the predicted distress probabilities regression

results are qualitatively the same using the two methods of match-

ing. 

Next, we apply the regression coefficients to the divestiture

sample to calculate the probability of financial distress for each

firm. Firm-years with distress probabilities above 0.5 are classified

as distressed. Distressed firms on average account for 25% of the

universe (i.e., all firms in Compustat) each year. 
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